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Definition and Context

- Acoustic Descriptor = numerical value for describing an acoustic property of the signal (speech or music).
- Acoustic Descriptor are used to characterize the signal by a limited set of values and to extract information from it.

- Different types of acoustic descriptors exist, distinguished according to 4 points of view:
1. Steadiness or dynamicity: value extracted from the signal at a given time or a parameter from a model of the signal behavior along time (ex: mean, distribution of a parameter).

2. Time extent of the description provided by the descriptor: some apply to the whole signal (Global Descriptor) or to a part of it (Local Descriptor).

3. Abstractness of the descriptor: what the descriptor represents.
4. Extraction process of the feature: some descriptors are directly computed on the waveform (ex: zero-crossing rate) or after a transformation of the signal (ex: Fourier Transform). Some other

relate to a model of the signal or try to mimic the output of the ear system. y
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Principles of Computation

/ T T T T T T T T T ] E ¥ ) Eﬂ . : ' \
| @ @
0.8t : ’ @'emporal Domcun) @ 20 -
. 0.6+ . 0 y
(Signel ) mmmlp 2 | (Frame) "
0.25 q I .
ISy ey 4 , | Spectral Domain R - - - .
% 5 R N T T e e e TR 0 10 20 30 0 2000 4000 6000 8000
Time (milliseconds) Time (milliseconds) Frequency (Hz)
Fig.1 Windowing operation Fig.2 Temporal frame of speech Fig.3 Fourier Transform of the frame of speech y

Some Examples of Descriptors
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Applications
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