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Abstract

This paper looks at the link between education of both partners and the time and money

they spend on their children. Taking advantage of detailed microdata, it goes one step further

than most previous studies as we control for the time constraint faced by the individuals, as

well as interdependencies in the time spent in various activities by partners. This is done by

performing Seemingly Unrelated Regressions. We see that, while the division of time between

men and women is still gendered, it gets more egalitarian when the individuals have a high

level of education. Concerning the investments in children, we find that children with parents

with a low level of education suffer from less investments from their parents both in terms

of time and money. Overall, our results seem to back up the gender ideology theory with

education driving the transition from conservative to more egalitarian gender ideology and to

be transmitted across generations with grandparents serving as gendered role models for the

parents.
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1 Introduction

The time parents spend with their children has been shown to be central in their development on

several dimensions such as academic achievement, cognition, and language acquisition (Bianchi,

2000; Dotti Sani and Treas, 2016; Francesconi and Heckman, 2016; Milkie et al., 2015). Fiorini
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and Keane (2014) even find parental time spent in educational activities to be the most productive

input for children’s cognitive skill development. During the last decades, parents in general (i.e.

men and women) have been found to dedicate more and more time to it (Bianchi, 2000; Sandberg

and Hofferth, 2001, 2005; Sayer et al., 2004), however, mothers still undertake the bulk of it (Craig,

2006). The importance of parental childcare and its undeniable gender perspective has therefore

naturally transpired in the policy world with, for instance, the debates around the paternity leaves

(their length, whether or not they should be mandatory,...).

From a policy perspective as well as for parents, it is therefore important to understand what

factors might influence the time spent at childcare by mothers and fathers alike. Following that

premise, researchers have analyzed the evolution of childcare by men and women, as well as its de-

terminants. Education has indubitably been considered as one of those factors. From a theoretical

point of view, the effect of education on time spent at childcare could go either way. On the one

hand, one could argue that more educated individuals are likely to have higher opportunity costs of

time spent not working. We would therefore expect to observe a negative link between education

and time spent at childcare. On the other hand, it could be argued, as is done by Chiappori et al.

(2017), that more educated parents have larger returns on investment in children’s human capital

leading them to spend more time at childcaring. Empirically, most of the studies analyzing the

link between education and time spent at childcare found it to be positive (Monna and Gauthier,

2008).

Since time is a limited resource, the time that individuals spend at childcare is constrained

by the time they spend on other activities, such as paid work. Furthermore, the time allocations

of one’s partner indubitably has ties with the individual’s time allocations. However, given the

endogeneity problem linked to controlling for other time allocations, most of the previous studies

looking at the impact of parents’ education on the time spent at childcare did not account for the

time constraint faced by individuals nor the potential interdependencies in partners time alloca-

tions, so that, as pointed out by Connelly and Kimmel (2009), little is known about the joint time

use decisions of couples. We believe that taking both these factors into account is of importance

as it could give an idea of the potential substitutability that might occur between the various

activities for the individuals as well as between the partners. From a policy perspective, this is

interesting as well as it could, for instance, give ideas of the potential effects that measures on the

labor market could have on other activities such as childcare or domestic work and their division

within the households. Previous researchers have, for instance, already shown that countries with

mandatory paternity leaves have significantly higher rates of women employment in private firms

(Amin et al., 2016).

This study tries to take advantage of the best features of the previous studies and looks at the

time spent at childcare by both parents and the factors determining it, with a focus on education.

It goes further than most previous studies as it looks at the impact of the interaction of the

educational level of both parents on the time they each spend at childcare. Taking this interaction

into account appears to matter as we find that men with a higher level of education spend more
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time at childcare only when their partner has a high level of education as well. In addition to that,

we further account for the time spent in other activities by the individuals and his/her partner.

To do so, we perform Seemingly Unrelated Regressions (SUR) to circumvent the endogeneity

problem usually faced when using different time allocations both as dependent and independent

variables. This allows us to look at the relationship between the various activities composing the

time allocations of the individuals, and to see the degree of substitutability between them. It could,

therefore, allow us to see ‘at what cost’ does the increase in childcare come for individuals with a

higher level of education. It also enables us to include potential intra-household interdependencies

in the way that time allocations are defined, a consideration that should allow us to see, among

other things, whether the time spent at childcare by partners is correlated or not.

Taking advantage of the MEqIn database, which contains detailed information for Belgium in

2016 on time use of both partners in the interviewed household, as well as detailed measures of

consumption both at the household and the individual level, we also examine how the combination

of educational level of both partners influences the money that they spend on their children (and

on public goods1 in general). Following Altintas (2016), this allows us to see whether children born

in families with a higher socio-economic status and with highly educated parents benefit from a

double advantage as, in addition to to living in more affluent households, they see more money

and more parental time invested in them, with parents that are better at producing their human

capital. This could also have clear policy implications, as children born in those families would

clearly have different opportunities than the ones born in families with a lower socio-economic

status.

While we start from the premise that parental childcare is beneficial for the children, one could

argue that it might take different forms and be of different quality levels. In this study, our measure

of childcare comes from stylized questions that did not differentiate between the different types of

childcare activities and that could be interpreted as recording childcare in broad sense.2 We believe

that this measure is nonetheless of interest to this study since any time spent with children (even

of low quality) is time that is not spent by the individual in another activity. Given our interest for

the potential substitutability between activities it is therefore interesting to have a broad childcare

definition.

Furthermore, in this study, we do not discuss other forms of child care than parental childcare,

such as formal child care (e.g. crèche or daycare). Belgium is often considered to be one of the

good pupils in terms the availability of formal childcare amongst the European countries (Biegel

et al., 2021), although there are some regional discrepancies (Meulders and O’Dorchai, 2008).

While we believe that considering the access, cost, and other features of these child care services

(and in particular the public ones) is important when thinking of the time allocations of parents

and especially when considering the division of the activities between genders, we still think that
1A precise definition of how we measure the money spent by the household on children and on public goods will

be given in Section 3.1, and can be found in Table A.1 in the Appendix.
2In practice, the individuals were asked the following question: “How much time do you spend during a typical

week on activities with the children in your household? ”.
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parental child care is important. Furthermore, since we do not focus only on the time spent taking

care of very young children, the effect of heterogeneous access to formal child care on our results

is likely to be lower since access to school and pre-school is free in Belgium, resulting in high

enrollment rates: 98% between 3 and 15 years old and 92% between 15 and 18 years old in 2015

(OECD, 2021).

Finally, a number of studies have looked at the importance of cultural norms, how they affect

economic decisions, and how they are transmitted across generations (Bisin and Verdier, 2011).

Following those studies, we look at the level of education of the grandparents and the effect it can

have on the time spent at childcare by the parents. While some previous studies looked at the

effect of grandparents’ education on the female labor market participation, this is, to the best of

our knowledge, the first study to look the impact it has on parents’ time use, in general, and time

spent at childcare in particular. It allows us to see if there is some transmission in the behaviors

of parents, and in particular in the link between education and childcare.

Overall, we find that couples in which both partners are highly educated spend more time

taking care of their children (mainly through the father), while they only seem to spend less time

at domestic work (through the mother). We further find that those couples spend a significantly

larger amount of money on their children, although this seems to be mainly due to their higher

level of income. This, nonetheless, supports the idea that children in these families benefit from a

double advantage. We see that a reduction in fathers’ time spent at childcare is correlated with

more involvement by fathers in unpaid work. Our results support the gender ideology theory, with

education inducing more egalitarian divisions of both paid and unpaid activities within couples.

Finally, the results seem to be transmitted over generations, with parents acting as gendered role

models for their children.

The rest of the paper is organized as follows. Section 2 exposes the literature related to the

research question both on the empirical and theoretical side. Section 3 describes the data used to

perform the analyses, the sample selection, as well as the variables considered in this study, and

gives some descriptive statistics. Section 4 contains the empirical analysis, divided in two parts.

The first part focuses on the education of both parents and the impact its combination has on

the time and money that they spend on their children. The second part is concerned with the

possibility of a transmission across generations and therefore looks at the educational level of the

grandparents and its link with parents’ time and money spent on children. Section 5 concludes.

2 Literature review

Most of the studies looking at the link between parents’ education and the time they spend on

their children find it to be positive (See Monna and Gauthier, 2008, for a review). Among others,

Guryan et al. (2008) find a positive education and income gradient in time spent at childcare for

the US as well as 14 other countries in the 90’s/beginning of the 00’s. They further claim that this

finding is in opposition with the usually negative gradients observed for typical leisure and home
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production activities. Gobbi (2018) for her part finds, for the US over the period of 2003-2013,

that the parental time of both parents increases with their own education and that of their partner.

While Gimenez-Nadal and Molina (2013) find that the time devoted to educational childcare at

the couple level seems to be only influenced by the educational level of the mother.

Other studies looking at the relation between parents’ education and parental time further find

that, while the amount of time that parents spend with their children increases with their education,

the type of time also differ and, in particular, its quality increases (Monna and Gauthier, 2008).

Finally, some studies look at the evolution of the time spent taking care of the children over

time and how this evolution could have diverged for different education groups (Altintas, 2016;

Chiappori et al., 2017; Dotti Sani and Treas, 2016). They find that although the time spent

at childcare has increased over time for every groups the increase is more marked in the highly

educated group leading to a larger gap between high- and low-educated parent’s time investment in

developmental childcare activities. They further put forward that this finding, associated with the

observed increase in assortative matching could explain part of the inequalities observed between

children in families with different socio-economic background.

Those studies already provided quite some evidence on the potential positive link between par-

ents’ education and parental time. However, Schoonbroodt (2018) making the distinction between

childcare performed during or outside typical working hours (TWH), nuance those conclusions as

she finds that the positive income-gradient only remains for paternal care outside of TWH. She

further finds a negative income gradient for both men and women during TWH and for women as

well outside TWH.

Furthermore, most of the previously cited studies fail to take into account the effect of other

time allocations of the partners on the time they spend at childcare.3 Kimmel and Connelly

(2007), and Kalenkoski et al. (2009) do so by setting up multi-equation systems to estimate the

effect of individual’s and household’s characteristics on the time spent by the individuals in various

activities such as home production, active leisure, market work and child care-giving.4 However,

while those papers include the wages of the individuals in their analysis, none of them has a direct

focus on education.5

This study will try to take the best out of the previous studies as we will look at the combination

of the education of both partners and its link with time allocations of individuals allowing for

interdependencies in the time spent by the individuals in various activities as well as the time

spent by their partners. This should allow complementing previous studies by showing ‘at what

cost’ does the increase in time spent at childcare usually observed for individuals with a higher

level of education come.

Theoretically speaking, knowing the direction of the link between the parents’ level of education,
3Most studies mention the potential impact that other time allocations might have on childcare but do not

include them due to endogeneity issues. In this study, this problem will be circumvented with the use of Seemingly
Unrelated Regression (SUR) techniques.

4Note that Kimmel and Connelly (2007) focus only on women.
5Kimmel and Connelly (2007) include the number of years spent in education as a continuous variable but they

do not seem to comment the results obtained for that variable.

5



and the time they (both) spend taking care of their children is of importance as it might question

some of the basic hypotheses on which economic models have been based. Among those, the

question of whether parental time should be seen as complementary or substitute. Hallberg and

Klevmarken (2003), and Del Boca et al. (2014) have recently found evidence that those inputs

should be considered as complements rather than substitutes.6

An analysis of the time spent at childcare by both parents and its determinants should also

help in discriminating between the different theoretical frameworks put forward in the literature to

predict parental time investment in children. Monna and Gauthier (2008) group those theoretical

contributions, in the sociological literature, into three main groups: gender ideology theories; social

and economic exchange theories (including the relative resource perspective and time availability

theory), and family systems theories.

The gender ideology theories could ultimately be related to the gender-identity hypothesis de-

veloped, in economics, by Akerlof and Kranton (2000). It has further been divided in two ‘versions’

in the literature, the traditional, or conservative, and the egalitarian (Ashwin and Isupova, 2018).

The social and economic exchange theories could be related to Becker (1965) economic theory of

time allocation as they take a pragmatic approach as to how labor is divided within the household.

Within this approach, mothers and fathers each specialize in the activities that are the most

efficient and functional for their family.

The family system theory, for its part, argues that some relationships within the family can

impact other relations between family members (Belsky and Volling, 2014; Cowan and Cowan,

2014). The idea is that poor relation between the partners could translate into one or both of

them becoming less responsive and emotionally available to their children.

Finally, studies have shown that the individuals’ believes about gender roles and identity are

strongly determined by their parents and peers (Unterhofer and Wrohlich, 2017; Farré and Vella,

2013). At the same time, a branch of the literature argues that women’s labor market choices

and outcomes might be linked to social and gender identity norms (Bertrand, 2011). Following

those two ideas, some studies have shown a positive correlation between the labor supply of women

and that of their mothers (Farré and Vella, 2013), and/or mothers-in-law (Fernández et al., 2004;

Morrill and Morrill, 2013) as well as the labor supply of their adolescent peers’ mothers (Olivetti

et al., 2020). While those studies focus on the labor market, McGinn et al. (2019) even go one

step further and look at the impact of mothers’ employment statuses on the employment and

domestic outcomes of their daughters and sons. Papapetrou and Tsalaporta (2018), for their part,

look at the possibility of an intergenerational transmission of female educational level and labor

force participation. Finally, Kleven et al. (2019) look at the intergenerational transmission of child

penalties (i.e. the relative labor supply change of women as compared to men around childbirth),

and find a link with the maternal grandparents but not the paternal ones. None of these studies,
6Note that substitutability/complementarity of the time spent at childcare by both parents can be considered

at a precise point in time or over the life-cycle of the children. In this study, given that we make use of cross-
sectional data and as we will control for the presence of children of different age categories, we will be closer to
contemporaneous complementarity.
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however, look at the impact that this potential transmission of norms can have on the intensive

margins and hence on the time allocations of individuals.

Following these studies, this paper therefore looks at the effect that grandparents’ educational

level (both grandmother and grandfather) can have on the time and money that parents (both

mothers and fathers) spend on their children, as well as the time they spend in other activities.

This should further confirm the potential presence of intergenerational transmission in the gender

roles and attitudes of individuals.

3 The MEqIn data

3.1 Database, variables, and sample selection

The analyses in this study will be performed with the use of the so-called MEqIn data. A database

that is representative for Belgium in 2016 and that led to the publication of a book by Capéau et al.

(2020) analyzing the well-being of individuals in Belgium and the different dimensions that compose

their well-being. The MEqIn database is especially suited for the type of analysis performed in

this study for different reasons. First of all, it is one of the few databases containing detailed

information on time use as well as measures of consumption such as the money spent by the

households on their children. It further contains information on the two partners in the households

who were both interviewed so that the information for each of them is accurate. Finally, it contains

information not only on the educational level of the individuals with children but also on the level

of education of the parents of those individuals (i.e. grandparents).

The time variables were recorded, in this database, with the help of stylized questions. That

is, interviewed individuals were asked questions such as “How much time do you spend during a

typical week on activities with the children in your household? ”. The main criticisms of stylized

questions, as opposed to time diaries, are the potential social desirability bias that could be induced

by such questions as well as the potential difficulty for respondents to recall their time use over a

long period of time (Monna and Gauthier, 2008). However, time diaries, as they are often recorded

for a single day, might suffer from mis-measurement issues (Foster and Kalenkoski, 2013). Those

mis-measurements are less prone to happen with stylized questions. In particular, if, by chance,

an individual does not perform an activity on the day she is keeping her time diary, the activity

would be coded as a zero for her, even though she might perform it every other day of the week.

This is not the case with stylized questions.

A second potential criticism of our measure of childcare relies on the fact that, while some of

the previous studies focus on different types of childcare activities (Gimenez-Nadal and Molina,

2013), childcare was recorded as a whole in the MEqIn database. It could therefore encompass

different types of activities that could be considered as childcaring, activities that could have

different qualitative levels.7 The literature also makes the difference between active and passive
7A father bringing his children with him to the bar could consider that as childcaring and it would be recorded

similarly to a father spending time helping his children with their homework.
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childcare mostly depending on whether childcare could be seen as the primary activity performed

by the individual or not (Monna and Gauthier, 2008).8

In a sense, one could consider that the childcare variable available in the MEqIn database

measures the time spent at active childcare (as opposed to passive childcare), given that they were

collected through stylized questions and given the nature of those questions.9 While our measure

does not allow for a precise analysis of the types of childcare that each parent could specialize in,

we believe, as argued in Section 1, that it is still of interest as every hour spent in childcare is

an hour not devoted to another activity. Given our aim to introduce the time constraint faced

by individuals and our interest for assessing the degree of substitutability between the various

activities, it is interesting as well to have a broad measure of the time spent at active childcare.

As far as the quality of the time spent with children is concerned, some studies have as well shown

that parental time with children, even of lower quality, can have an impact on their outcome. You

and Davis (2011), for instance, show that secondary childcare, considered of lesser quality, has an

impact on the prevention of childhood obesity that is not marginally lower than primary childcare.

For these reasons, we will consider, throughout this study, that every additional hour spent with

the children is at best beneficial for them and at worst that it cannot hurt them.

Finally, one could wonder whether this variable should be adjusted by the number of children

present in the household. Following previous studies looking at the link between parental childcare

and education such as Gimenez-Nadal and Molina (2013), we decided not to do so. We indeed

believe that time spend at childcare is not likely to be linearly depending on the number of children

in the household, and therefore prefer controlling for the number of children in the household when

performing the regression analyses as was done in previous studies.10

Concerning the other variable of interest in this study, the educational level of the individuals,

as explained in the Introduction, in this study we want to look at the effect of the combination

of the educational level of both partners, as we believe that accounting for this interaction is of

importance when looking at the relation between education and time spent at childcare. To do so,

we create a variable defining different types of couples. We define four different types of couples:

Low-Low, Low-High, High-Low, High-High, where the first term corresponds to the man’s level of

education and the second one to the woman’s. In order to have a reasonable number of categories,

we considered only the individuals with a tertiary education as opposed to those without. For

simplicity, we decided to refer to the first ones as having a high level of education and to the

second ones as having a low level of education, although this is clearly an abuse of language.11

8Some studies refer to primary and secondary childcare instead (Zick and Bryant, 1996).
9As explained before, the individuals were asked the following question: “How much time do you spend during

a typical week on activities with the children in your household? ”. They were also asked the same question about
the time they spend at other activities such as leisure and domestic work, two activities that have been shown to
be the chief sources of secondary childcare time (Cardia and Gomme, 2018).

10We, nonetheless, perform the analyses with time and money spend per children. The results are presented in
Section 4.2.

11We decided to create such a categorical variable for education instead of a continuous one for several reasons.
First the educational level of individuals was collected in the MEqIn database through answers to the question
“What is the highest level of education you have successfully completed? ”, with answers defined as categories such
as Primary education, Lower secondary education - General, or Upper secondary education - Technical, or even
Doctoral degree with thesis. While those categories could be turned into number of years, the created variable will
not really be continuous. Furthermore, having those groups of couples by educational levels could be seen as being in
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As mentioned in the Introduction, this study also examines how the combination of educational

level of both partners influences the money that they spend on their children (and on public goods).

The variable used for the money spend on children measures the monthly household spending on

children (including food and transport), while the variable used for the money spent on public good

corresponds to the monthly household spending on utilities, outings and restaurants, vacations,

common transport, and (virtual) rent. More information on the collection and construction of the

variables used in this study can be found in Table A.1 in the Appendix.

The other variables considered in this study are variables typically used as controls in previous

studies on the link between education and time spent at childcare (Kimmel and Connelly, 2007;

Connelly and Kimmel, 2009; Gimenez-Nadal and Molina, 2013). They include: the individual’s

age (and its square), (self-declared) health status of both partners, the number of children in

the household, whether there are other adults in the household, the logarithm of the household

non-labor income, three dummy variables indicating whether there are children under 3 years old,

between 3 and 6, and between 6 and 12 in the household,12 and the region where the household

lives. Controlling for the household composition is of importance as the need for childcare is

different depending on the number of children in the household, their age, but as well on whether

there are other adults in the households that can help for the unpaid activities. Health status has

been shown to impact the time mothers spend at labor market by Kalenkoski et al. (2005), while

Gimenez-Nadal and Molina (2013) show that mothers declaring to have a good health spend more

time at educational childcare. Following this last study we decided to control for non-labor income

since it is likely related to time use, and since labor income would be endogenous (in particular with

the time spent at paid work).13 The idea is that non-labor income is expected to reduce the need

for paid work and could therefore lead to a shift from paid work to leisure activities. As argued

by Kimmel and Connelly (2007), the effect on unpaid work activities is nonetheless ambiguous as,

for childcaring, it could be argued to be work as well as leisure, while for housekeeping, a higher

non-labor income could mean a bigger house, or more things to manage. Finally, the regional

variable could capture differences in preferences over time allocations as well as differences in the

price of commodities for instance. It should further capture differences in the actual price of

outsourcing housework since Belgium has a Service Voucher Scheme in which households can pay

for certain domestic services with subsidized vouchers, and since the size of the subsidy depends

on the Region, although to a limited extend (see Leduc and Tojerow, 2020, for a description of the

program).

The sample used in this study is composed of heterosexual households with children under 18

line with the sociological literature on social classes and their reproduction. In particular, one can link the analysis
of how highly educated individuals invest more in (educational) childcare to Bourdieu’s work on the importance
of the transmission of cultural capital in addition to economic capital on the reproduction of inequalities. Note
however that in Bourdieu and Passeron (1964) and Bourdieu and Passeron (1970), the authors were focusing more
on the role of schooling. In Bourdieu’s vision, schools far from promoting equal opportunities, participate in the
reproduction of social inequalities and legitimize these inequalities through a meritocratic discourse. The school
indeed transmutes the differentiated inheritance of certain cultural dispositions into social inequalities and makes
these inequalities acceptable by attributing them to the personal merit of the students (Jourdain and Naulin, 2011).

12Those thresholds correspond to the age limits at which children can enter kindergarten, primary school, and
secondary school respectively in Belgium.

13We however control for the inclusion of disposable income as a robustness test of our results in Section 4.2.
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and in which both parents were interviewed. We further removed from the sample the households

with grandparents living with their children, the households in which at least one of the two parents

was retired, four households with individuals who presented inconsistencies in the time allocations

that they reported,14 and three households containing individuals on whom we had no information

(on whether they were children of the partners, siblings,...). This leaves us with 267 households

composed of two partners with children under 18 years old, and potentially other adults.15

3.2 Descriptive statistics of the sample considered

Table 1: Mean household and individual characteristics and frequencies

Man Woman Household
Variable (1) (2) Variable (3)

Age of 41.031 38.585 Equivalized monthy 1948.043
respondent (0.482) (0.445) income (66.691)

Working Not working 0.062 0.209 Monthly non-labor 596.973
status (0.016) (0.027) income (44.782)

Employed FT 0.859 0.464 Number of children 1.876
(0.023) (0.033) (0.071)

Employed PT 0.079 0.327 Other adults in 0.143
(0.018) (0.031) household (0.023)

Health Good 0.376 0.400 Children under 3 0.270
(0.032) (0.033) (0.029)

Low 0.523 0.500 Children between 0.305
(0.033) (0.033) 3 and 6 (0.031)

High 0.100 0.101 Children between 0.461
(0.019) (0.019) 6 and 12 (0.033)

Note: * p<0.10, ** p<0.05, *** p<0.01. Standard errors are in brackets. The table
shows the average characteristics for men and women in the sample as well as the
average household characteristics. The Equivalized income was constructed by the
data manager by dividing the household income with the OECD equivalence scale.

Table 1 gives us an idea of the average characteristics of the individuals composing our sample.

We can see that both men and woman composing the sample are on average around their forties

with the men being slightly older by approximately two years and a half. Most of the individuals

in the sample declare to be working (93.8% for the men and 80.3% for the women). Men are

mostly so in full-time jobs, while a substantial fraction of women are working in part-time jobs.

The households composing the sample have on average slightly less than 2 children. Among the

households composing the sample, 14.3% include other adults than the two partners. More than

one fourth of the households have very young children (under 3 y.o.), 30.5% have children between

3 and 6 years old and almost half of the sample has children between 6 and 12.16

To have a first idea of how the level of education of both parents might influence the time they

spend with their children, the rest of their time allocations, as well as how much money they spend
14Such inconsistencies include individuals who end up with a negative time left, i.e. the time (constructed) that

is supposed to be left to rest, sleep.
15Note that in some of the analyses performed in what follows, the number of observations might be lower than

267 depending on whether some observations have missing values for the variables included.
16Note that those categories could be overlapping for the same household.
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Table 2: Time use and money spent on children and public goods per education groups

Education type of the couple

Low-Low Low-High High-Low High-High

Frequence of the group 0.338 0.220 0.131 0.311
(0.030) (0.027) (0.022) (0.030)

Variable (1) (2) (3) (4)

Paid work By men 39.874 51.236 46.650 50.772
and commuting (2.557) (2.187) (2.375) (1.328)

By women 22.193 37.653 26.724 40.121
(2.146) (2.638) (3.596) (1.667)

Housekeeping By men 7.053 7.156 5.835 8.525
(0.657) (1.057) (1.022) (0.701)

By women 22.323 15.490 17.468 14.428
(1.521) (1.423) (2.288) (0.918)

Childcare By men 9.169 8.858 9.583 12.782
(0.881) (0.974) (1.599) (1.312)

By women 13.928 16.798 17.648 16.703
(1.228) (1.777) (2.570) (1.261)

Leisure By men 14.140 15.510 15.439 15.792
(1.146) (2.006) (1.721) (0.926)

By women 14.320 15.006 16.298 12.004
(1.459) (1.411) (2.352) (0.685)

Money spent on children 368.205 360.937 323.313 462.707
(30.564) (28.938) (34.045) (34.241)

Money spent on public goods 1363.315 1794.770 1782.316 2331.487
(60.483) (78.013) (90.874) (97.923)

Note: N=267. Standard errors are in brackets. The table shows the average
time spend per week for each of the variables for men and women in couples with
different education types.

on their children and public goods, we first simply compute averages of those variables for men

and women in the different groups of couples defined by the combination of the levels of education

of both partners as explained in Section 3. Table 2 reports the mean time allocations for men and

women in these different groups as well as the frequency of these groups. We can see, from the

table, that there seems to be one third of the households in our sample in which both the man and

the woman have a low level of education, around one third in which they both have a high level of

education, while the last third is composed of households in which partners have different levels of

education (with the majority of those being composed of households in which the woman is more

educated than her partner).

Further looking at Table 2, it already appears that parents in high-high couples invest more

in their children than the ones in low-low couples both in terms of time and money. Indeed,

parents who both have a high level of education are found to, collectively, spend more time with

their children than parents with a lower level of education (more than 6 hours per week in total).

The table also shows us that, although there seems to be some improvement with education, the

division of the work activities is still quite gendered, as we see that men are more active in paid

work and women in unpaid work. Concerning the money spent on children, we can see from Table

11



2 that parents with a high level of education spend, on average, almost 100e more per month on

their children than parents with a low level of education. This is substantial as it represents more

than 25% of the unconditional average spending on children by the households in the sample. This

is in line with the results for the money spent on public good as it appears that high-high couples

spend almost 1000e more on it than low-low ones.

The observation that children in families with highly educated parents benefit, on average, from

more investments both in terms of parental time and money is true as well over the distribution of

the individuals in the different groups. Figures A.1 and A.2 in the Appendix plot the Generalized

Lorenz curves of childcare time (by men and women) per education groups and of money spent on

children and public goods per education group respectively. We can see that, in every cases, the

curve for the high-high group lies above the one for the low-low group, meaning that children in

the former group benefit from more investments (in time and money) than the ones in the latter

group, and this, over the whole distribution.

Figure 1: Correlation of the time spent at childcare by men and women in the different couples

Note: This figure shows the correlation of the time spent taking care of the children by both partners in
the different types of couples. The types of couples are defined as the level of education of: Man-Woman.

Finally, Figure 1 shows the correlation of the time spent taking care of the children by both

partners in the different types of couples. We first see from this figure that there is some correlation

between the partner’s time spent at childcare as the unconditional correlation amounts to almost

0.5. The correlation, then appears to be the highest (and quite high) when both partners have a

high level of education. This together with the observation made above from Table 2 supports the

idea put forward in Altintas (2016) that the discrepancies in child development between children

with higher-educated and less-educated parents is likely to be magnified by the fact that the former

enjoy more investments by both parents in terms of time and money.

While this is already interesting, it is only descriptive and does not take into account potential

confounding factors. We will, therefore, try to address that issue in Section 4 as we will perform

a regression analysis.
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4 Regression analyses

In this section we try to analyze the time spent at childcare by both parents and the factors

determining it, with a focus on education. In particular, we first look at the combination of the

educational levels of mothers and father. This should allow us to see if children in families with

highly educated parents benefit from more investments both in terms of money and parental time.

We then look at the educational level of the grandparents and the link it can have on the time

spent at childcare by the parents. This would allow us to see if there is some transmission in the

behaviors of parents.

We do so by taking into account the time spent in other activities by the individual and his/her

partner. Accounting for this is crucial as time is a limited resource for individuals and as the time

allocations of partners influence each other. It should further allow seeing whether there is some

substitutability between the various activities as well as the potential correlations in time use of

partners. Nonetheless, one cannot simply include the time spent at paid work or the time spent

at childcare by the partner as a regressor as this would lead to endogeneity problems.

To solve that issue, and following what is done in previous studies (Gimenez-Nadal and Molina,

2013; Kimmel and Connelly, 2007; Kalenkoski et al., 2009), we decided to perform Seemingly

Unrelated Regressions (SUR). We therefore consider a system of equations in which, for both

partners, the different work activities (paid work, domestic work, and childcare) as well as the time

both partners devote to leisure, and the amount of money that is spent by the household on their

children are expressed as functions of both individuals’ and households’ characteristics. All these

equations are then simultaneously estimated while allowing the error terms of each equation to be

correlated, and estimating the full variance–covariance matrix of the residuals. The estimation of

this matrix then allows us to see how the different time allocations are correlated for the individuals

and with the time allocations of their partner.

Given the non-negative nature of time use variables, researchers have discussed the appropri-

ate estimation model to use (Foster and Kalenkoski, 2013). In order to address the significant

censoring (i.e. large numbers of zeroes) typically found in time-use data, many studies have used

maximum likelihood estimation of a Tobit model. The use of a Tobit model supposes that the

zeroes observed result from non-participation in the activity measured. However, this assumption

has been questioned given that most of the previous studies rely on time diaries as a way to mea-

sure the time spent at childcare. As explained in Section 2, the fact that time diaries are often

recorded during a single day while the period of interest is often much longer could then lead one

to interpret the zeroes observed as a measurement problem rather than proper non-participation.

In that case, as argued by Stewart (2013), OLS would then be more appropriate than Tobit.

In this study, as explained in Section 3, the time allocations of individuals were measured by

stylized questions. We are therefore not likely to suffer from this mis-measurement issue. However,

we still observe fractions of zeroes in the recorded activities that are not insignificant.17 Given this
17Table A.2 in the Appendix reports the fraction of zeroes observed for each activities by men and women

separately. We can see that this fraction is around 5% for most activities, except for domestic work by women, for
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observation, we perform maximum likelihood estimations of Tobit models in what follows.18

The statistical model estimated therefore relies on the following equations:

Ttmi =

T
∗
tmi if T ∗tmi > 0

0 if T ∗tmi ≤ 0

where T ∗tmi = α0+α1Educi+α2Xm+α3Hi+ εtmi, εtmi ∼ N(0, σ2) (1)

Ttfi =

T
∗
tfi if T ∗tfi > 0

0 if T ∗tfi ≤ 0

where T ∗tfi = β0 + β1Educi + β2Xf + β3Hi + εtfi, εtfi ∼ N(0, σ2) (2)

log(MChi) = γ0 + γ1Educi + γ2Xm + γ3Hi + νi, νi ∼ N(0, σ2) (3)

Where Ttmi represents the time spent in activity t by the man (m) in household i, and Ttfi the

time spent in activity t by the woman (f) in household i. The activities considered are Childcare

(C), Paid work (P), Domestic work (D), and Leisure (L). T ∗tmi (T ∗tfi) is the so-called latent variable

that linearly depends on: Educi the variable of interest to this study (i.e. the educational level

of parents, in a first time, and grandparents, in a second time), Xm (Xf ), a vector containing

characteristics of the man (woman), and Hi a vector containing household’s characteristics. These

control variables and the interest in including them were discussed in Section 3. MChi measures the

total average monthly spending on children at the household level and is expressed as log-linearly

depending on Educi, Xm, and Hi.19

The model is therefore composed of 9 equations, all estimated simultaneously: 4 of the type

of Equation (1) (one for each of the four activities), 4 of the type of Equation (2) and Equation

(3).20 In the spirit of Seemingly Unrelated Regressions, we allow the error terms to be jointly

distributed, without any restrictions on the correlation, to consider the possibility of correlation in

the unobserved determinants of our dependent variables. This essentially recognizes the possibility

that the time spent in each activity is correlated with: the time spent in another activity (as total

time is finite), the time allocations of the partner (i.e. intra-household interdependencies), as well

as the money spent on children (especially for childcare). We further assume that the error terms

are independent across households.

The vector of the error components
(
εCm εCf εPm εPf εDm εDf εLm εLf ν

)′
therefore follows a normal joint distribution N(0,V) where V is the variance-covariance matrix of

the residuals, estimated as well. It corresponds to:

which it is quite low, and paid work by women, for which it is quite high.
18We have as well estimated the effect with Seemingly Unrelated Regressions performed as OLS and the results

are similar to the ones presented here. This is in line with what was found by Foster and Kalenkoski (2013) and
Gimenez-Nadal and Molina (2013).

19We do the same with the characteristics of the mother (Xf ) and the results are similar.
20The equations are estimated with the help of the cmp command in STATA.
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V =



σ2
Cm ρCmCfσCmσCf ρCmPmσCmσPm ρCmPfσCmσPf ... ρCmLfσCmσLf ρCmνσCmσν

ρCfCmσCfσCm σ2
Cf ρCfPmσCfσPm ρCfPfσCfσPf ... ρCfLfσCfσLf ρCfνσCfσν

ρPmCmσPmσCm ρPmCfσPmσCf σ2
Pm ρPmPfσPmσPf ... ρPmLfσPmσLf ρPmνσPmσν

ρPfCmσPfσCm ρPfCfσPfσCf ρPfPmσPfσPm σ2
Pf ... ρPfLfσPfσLf ρPfνσPfσν

ρDmCmσDmσCm ρDmCfσDmσCf ρDmPmσDmσPm ρDmPfσDmσPf . ρDmLfσDmσLf ρDmνσDmσν

ρDfCmσDfσCm ρDfCfσDfσCf ρDfPmσDfσPm ρDfPfσDfσPf . ρDfLfσDfσLf ρDfνσDfσν

ρLmCmσLmσCm ρLmCfσLmσCm ρLmPmσLmσPm ρLmPfσLmσPf . ρLmLfσLmσLf ρLmνσLmσν

ρLfCmσLfσCm ρLfCfσLfσCf ρLfPmσLfσPm ρLfPfσLfσPf ... σ2
Lf ρLfνσLfσν

ρνCmσνσCm ρνCfσνσCf ρνPmσνσPm ρνPfσνσPf ... ρνLfσνσLf σ2
ν



4.1 Looking at the parents’ education: differing investments in children?

Table 3 presents the results when the system of equations presented above is estimated and when

we use the combination of the educational level of both partners as defined in Section 3. Note that

this table reports the marginal effects on the uncensored latent variable. The same will be done

for the following tables reporting estimation results. We will, nonetheless, report as well, when

analyzing the tables in the text, the average marginal effects (AME) obtained for the observed

outcome.

Several findings emerge from this table. We can first see that, as was hinted by the descriptive

statistics, couples in which both partners have a high level of education spend significantly more

time and money on their children. In terms of time, fathers are found to spend 2.9 (AME of 2.07)

hours more on their children per week. This is substantial as it represent more than 20% of the

average time spent at childcare by fathers in the sample.21 We further see that the coefficients for

the other types of couples for childcare by the father are negative and not significant. Fathers with

a high level of education are therefore found to spend more time with their children only when

their wives have a high level of education as well.22 We further observe that the larger amount

of time spent at childcare by the fathers in high-high couples does not come with a reduction of

the time spent at childcare by the women in the couple. Indeed, we find, for women, a positive

coefficient for every education type “above” Low-Low. Although the coefficients are not significant,

the lowest p-values are found when the woman is highly educated (0.112 for low-high couples and

0.14 for high-high ones). Therefore, we could consider that high-high couples spend even more

time on their children if we sum up the coefficients found for men and women, and up to 5.21 (3.79

for AME) hours more than low-low couples. This is confirmed when we pool together the time

spend by both parents at childcare and run the same regressions. We indeed find that high-high

couples spend 4.74 (AME of 3.81) hours more per week on their children than low-low ones. Those
21The unconditional average time spent at childcare by fathers in the sample amounts to 10.3 hours per week
22We also performed the same exercise but including the levels of education of each partners separately (i.e.

without interacting them). It appears that only the education of the fathers matters for the time they spend at
childcare, and that it is positively correlated to it. We, however, see here that there is an interest in looking at
the combinations of the levels of education of both partners instead of the education of each partner separately, as
fathers with a high level of education are found to spend more time taking of their children only when their wives
are highly educated as well. The results for the education of each partners introduced separately are available upon
request.
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Table 3: Tobit SUR estimates on the time spent by partners in various activities and on the money spent on children

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -1.111 3.133 11.051*** 15.150*** -0.863 -7.253*** 2.003 0.828 0.182
of the couple (1.329) (1.972) (3.462) (3.956) (1.411) (1.838) (2.405) (1.925) (0.136)
(Man-Woman - High-Low -0.070 2.423 6.561* 4.132 -1.637 -4.562* 1.353 1.988 0.039
OC: Low-Low) (1.672) (2.350) (3.849) (5.043) (1.581) (2.337) (2.181) (2.485) (0.130)

High-High 2.893** 2.317 11.166*** 21.536*** 1.393 -8.964*** 3.008* -1.358 0.338***
(1.352) (1.569) (3.169) (3.885) (0.999) (1.658) (1.611) (1.703) (0.104)

Age 0.002 -0.208 3.957* 1.508 -0.385 -0.963 -0.983 -2.991** 0.034
(0.706) (0.909) (2.110) (2.545) (0.546) (1.136) (1.219) (1.295) (0.056)

Age squarred -0.003 -0.002 -0.045* -0.020 0.004 0.014 0.014 0.040** -0.000
(0.008) (0.011) (0.025) (0.033) (0.007) (0.015) (0.015) (0.017) (0.001)

Log (Household non- 0.157 0.351 -5.373*** -2.115 -0.194 -0.833 -0.045 0.253 0.065
labor income) (0.492) (0.648) (1.413) (1.311) (0.510) (0.603) (0.595) (0.666) (0.081)

Other adults in Household -3.126** -3.944** 4.841 3.831 -0.920 2.456 0.073 -1.961 -0.200
(1.547) (1.680) (4.036) (4.556) (1.611) (2.678) (2.368) (2.790) (0.146)

Number of children in -1.472*** -1.105 3.282* -6.151*** 0.664 5.159*** -0.180 0.114 0.260***
Household (0.510) (0.796) (1.703) (2.124) (0.531) (1.065) (0.881) (0.925) (0.054)

Children under 3 2.252 7.303*** 1.332 -0.776 -0.590 0.539 0.820 -3.084 -0.114
(1.686) (2.011) (3.917) (4.648) (1.093) (1.850) (1.820) (1.974) (0.100)

Children between 3 and 6 7.671*** 6.103*** -0.230 3.893 -1.602* -2.618* -1.246 -2.982* -0.133
(1.484) (1.780) (2.691) (3.048) (0.966) (1.442) (1.536) (1.576) (0.095)

Children between 6 and 12 1.683 1.760 1.145 3.698 0.474 -0.925 1.409 0.638 -0.120
(1.195) (1.516) (3.031) (3.974) (1.006) (1.891) (1.612) (1.869) (0.095)

Father’s health High -0.349 0.112 0.210 2.849 -0.738 -0.168 -2.121 -0.086 0.016
(OC: Good (1.171) (1.438) (2.355) (3.074) (1.003) (1.374) (1.489) (1.426) (0.085)
health) Low -2.084 -0.318 -4.902 -5.789 -0.487 0.596 0.860 2.266 -0.239

(1.625) (2.234) (5.512) (5.067) (1.404) (2.369) (3.138) (2.887) (0.192)
Mother’s health High 1.301 -2.905* 0.855 4.851 -0.205 0.701 -3.160** -1.226 -0.059
(OC: Good (1.180) (1.565) (2.403) (3.178) (0.954) (1.510) (1.583) (1.522) (0.083)
health) Low 0.897 -3.335 0.337 -0.476 -2.920* -3.844* -0.801 -1.087 -0.073

(1.491) (2.931) (4.755) (5.612) (1.504) (2.233) (2.585) (2.721) (0.128)
Region Flanders 2.057 2.062 7.793* 9.502* 2.962** 7.840*** 0.859 1.375 -0.069
(OC: Brussels) (1.270) (2.121) (4.597) (5.414) (1.231) (1.899) (3.366) (2.463) (0.113)

Wallonia 3.220** 4.665* 1.701 3.924 0.010 3.458* 2.975 5.598* -0.128
(1.538) (2.407) (4.786) (5.903) (1.306) (1.923) (3.605) (2.888) (0.128)

Constant 9.727 19.342 -26.140 0.951 14.575 27.999 31.066 65.206*** 4.232***
(14.854) (18.893) (43.643) (49.437) (11.454) (22.122) (24.535) (24.139) (1.115)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable. Average
marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to differ from one
regressions to another. The total number of observations used for this model is 267. We further allow for the possibility of correlation in the
unobserved determinants of our dependent variables, the correlation matrix obtained is displayed in Table 4.
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results can be found in Table A.3 in the Appendix.

In terms of money, high-high couples are found to spend a significantly larger amount on their

children as well. In particular, we find a coefficient of 0.338 meaning that they spend 40.21% more

on their children per month than the couples in which both parents have a low level of education, a

fraction that is substantial.23 This finding is also true when we consider the money spent on public

goods in general by the household as a dependent variable instead of the money spent on children.

We find a coefficient for high-high couples of 0.536 corresponding to a spending 70.91% larger on

public goods than low-low ones. Those results can be found in Table A.4 in the Appendix.

Taken together, those results are quite substantial, as children in families with highly educated

parents enjoy, at least, 2.9 (AME 2.07) hours more per week of parental time than children with

parents with a low educational level, as well as more than 150e more per month that are spent

for them.24

Regarding the time spent by the parents in other activities according to their education types,

the larger amount of time spent at childcare observed for high-high couples does not seem to come

from a reduction in the time devoted to paid work neither for men nor for women.25 The only

reduction observed is a reduction of domestic chores for the women, especially when they have a

high level of education. Overall, education appears to lead to a more gender-balanced division of

the activities (although to a limited extent as could be seen in the descriptive statistics in Table

2).

Looking at the rest of the control variables, we find results that are in line with previous

studies. Having young children appears to be associated with an increase in mothers’ childcare

by a substantial number of hours. While men seem to step in for children between 3 and 6. The

presence of other adults in the household reduces substantially the time spent by both parents

at childcare. While having more children seems to lead towards a more gendered division of the

activities, as we observe that man spend less time at childcare and more time at paid work, while

women spend less time at paid work and more time doing domestic chores. Finally, the couples

living in Wallonia appear to spend more time taking care of their children (than the ones living in

Brussels), while the ones living in Flanders spend more time in paid and domestic work.

As stated above, when estimating our model as a set of seemingly unrelated regressions we

allow for the possibility of correlation in the unobserved determinants of our dependent variables,

and estimate these correlations. In a sense, we allow for the possibility that each of our dependent

variables is affected by the other ones. It is therefore interesting to see how those variables could

be related to each other, to see the degree of substitutability between the various activities as well

as the potential correlation in the time allocations of the partners (especially in terms of childcare).

Table 4 displays the correlation matrix of residuals obtained when estimating the model.

We can see from Table 4, that the time spent at childcare by both partners is highly correlated
23This is true as well if we consider the money spend per children in the households, as we find a very similar

coefficient of 0.303 corresponding to an effect of 35.39%. Those results are presented in Section 4.2.
24Given that the unconditional mean spending of households in the sample on their children is of 392.14e .
25Note that for women the time spent at paid work appears to increase mostly with their own educational level.

Although the increase is the highest when their partner also has a high level of education.
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Table 4: Correlation matrix of residuals from the model presented in Table 3

log(Money
Childcare Paid Domestic Leisure spent on

Father Mother Father Mother Father Mother Father Mother children)

Childcare Father 1

Mother 0.333*** 1
(0.075)

Paid work Father -0.190*** 0.151** 1
(0.067) (0.070)

Mother 0.023 -0.112 0.118 1
(0.067) (0.075) (0.076)

Domestic work Father 0.098 -0.095* -0.214*** 0.119** 1
(0.073) (0.056) (0.065) (0.058)

Mother -0.059 0.121** 0.066 -0.511*** -0.099 1
(0.062) (0.059) (0.071) (0.071) (0.067)

Leisure Father 0.113** 0.184*** -0.194*** 0.006 0.151** 0.077 1
(0.057) (0.071) (0.068) (0.070) (0.061) (0.070)

Mother 0.037 0.066 0.059 -0.188*** 0.117** 0.110 0.385*** 1
(0.052) (0.069) (0.072) (0.073) (0.055) (0.068) (0.075)

log(Money spent on children) 0.086 0.142* 0.147** 0.146** 0.171** -0.045 0.105* -0.020 1
(0.079) (0.076) (0.067) (0.060) (0.069) (0.074) (0.061) (0.063)

Note: Correlation matrix of residuals. In particular, the table shows the arc-hyperbolic tangents of the ρ’s obtained from the SUR
system exposed in Table 3. Sample includes all individuals living in a couple (married or cohabiting) with at least one child under
the age of 18. Survey weights are used.
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(the same is true for leisure). This could be interpreted as supporting the idea that childcare by

mother and father can be considered as complementary rather than substitute (Chiappori et al.,

2017; Del Boca et al., 2014; Hallberg and Klevmarken, 2003). Or, at least, it does not go against

this idea.26 In terms of substitutions between the various activities, we see that childcare by the

fathers appears to come with a reduction of the time they spend at paid work. We further see that

fathers’ time spent in paid work seems to be linked with the fact that childcare in the household

is more performed by the mothers, as it is negatively correlated with own childcare and positively

so with the mothers’ childcare. The inverse, for time spent in paid work by women, is not true (or

at least not significant). For both gender, it appears that domestic and paid work are negatively

correlated, with the correlation being higher, in absolute value, for women. This could be seen as

pointing towards situations in which women end up choosing between being housewives or working

wives. Finally, we can see that leisure and paid work are negatively correlated for both gender.27

4.2 Discussion and sensitivity of the results

In this section we try to discuss the results obtained with regards to the theoretical literature

exposed in section 2, as well as discuss their potential sensitivity.

In terms of the sensitivity of our results, we have already stated that we obtain similar results

when we control for the age of the women in the couples for the regression concerned with the

money spent on children rather than the age of the men, and when we perform Ordinary Least

Squares Seemingly Unrelated Regressions (OLS SUR) instead of Tobit.28 We have as well tested

the sensitivity of our results to the inclusion/exclusion of the controls that we use and find that our

results are quite robust.29 Our results appear to be robust as well to the inclusion of the big five

personality traits, measures that allow controlling for usually unobserved characteristics.30 Finally,

we find similar results when we consider the time and money spend by the household per children

(i.e. adjusting for the number of children in the household). As can be seen from Table A.5 in the

Appendix, both fathers and mothers of high-high couples are found to spend significantly more
26The results here do not immediately mean that fathers and mothers are complementary at producing children’s

human capital as each individual’s time spent on childcare represents an input and not an output. However, the high
correlation found does certainly not reject complementarity. Furthermore, if one makes the assumption that each
individual produces a different part of the children’s human capital through a one-input technology with constant
returns-to-scale; the individual’s input value can then serve as the output value (see Cherchye et al., 2020, for a
discussion). In our case, one could argue that partners are complementary at raising their children as they specialize
in different dimensions needed by the children (e.g. mathematics vs. linguistics, soft vs. hard skills, ....), something
that would then be confirmed by our results.

27This is not so surprising and somehow shows that the standard neoclassical theory of labor supply was not
completely wrong when considering that each hour spent by the individuals at paid work was an hour not spent
at leisure. Note, however, that our results do not say anything about the sometimes questioned direct disutility of
paid work assumed in that theory.

28All those results are available upon request.
29We do so by including, first, only the education type and the age (and its square) of the individuals while then

including the other controls one by one. In a second time, we take our baseline specification with full controls and
remove each control separately and see if our main results change.

30The measures of the big five personality traits are constructed with questions drawn from the Ten-Item Person-
ality Inventory (TIPI) proposed by Gosling et al. (2003) that the MEqIn database has the advantage of containing.
While controlling for personality traits has mainly been shown as being of importance in analyses of the subjective
well-being (see for instance: Boyce, 2010; De Rock and Perilleux, 2021). One could, nonetheless, easily argue that
they can also impact the time allocation mixes of individuals. We therefore decided to test our results to the inclu-
sion of these characteristics to reinforce the confidence we have in them. The results from this analysis are available
upon request.
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time per children: 1.95 (AME 1.23) hours for fathers, and 1.86 (AME 1.21) for mothers. While

the high-high couples are still found to spend around 35% more on their children than the low-low

ones.

Overall, it appears that our results are quite robust to changes in the specification of the model

estimated as well as in the technique used to estimate it. In particular, our main result that children

whose parents are both highly educated benefit from more investments both in terms of time and

money than children with parents with a low level of education hold in every specifications. This

supports the idea put forward by Altintas (2016); Chiappori et al. (2017), and Dotti Sani and Treas

(2016) that children born in families with lower socio-economic statuses end up suffering from a

dual disadvantage. This could help explain part of the growing discrepancies observed between

children with a high socio-economic background and those with a low one.

Concerning the investment in parental time, it is especially true if one considers that highly

educated parents are better at producing the human capital of their children, as is done in Chiappori

et al. (2017).31 This idea is somehow supported by Ramey and Ramey (2010) who put forward

that one major cause for the observed increase in the time spent by parents on childcare since the

mid-1990s is a higher competition for college admissions. It is further supported by the findings

of Gimenez-Nadal and Molina (2013), who find that the effect of parents’ education on the time

spent taking care of children occurs for a particular type of childcare: educational childcare.

Finally, Sigle-Rushton (2010) shows that fathers’ involvement in home production stabilizes

marriage regardless of mothers’ employment statuses. As divorce has been shown to be detrimental

in most cases for children (see Raley and Sweeney, 2020, for a review), this could reinforce our

findings as children in high-high families would then benefit from more investments in terms of

time and money, while being likely to live in families facing a lower probability of divorce.

Regarding the investment in terms of money spent on children, the results are not so surprising

and could be linked to the fact that high-high couples are likely to have a larger income than

low-low ones. This is actually the case in our sample as can be observed from Figure A.3 in

the Appendix. However, following what was done in previous studies such as Gimenez-Nadal and

Molina (2013) we decided not to control for income in the previous exercise and rather to control for

non-labor income. This comes mainly from the endogeneity issue that income might induce with

time variables and in particular with the time spent at paid work. To see, however, the potential

effect that income could have on our results we test different ways of taking it into account.

First, we simply replace the non-labor income by the total disposable income (only) in the

regression with the money spent on children as a dependent variable. The cmp command indeed

allows to include different controls for the different equations composing our model. The results

of those regressions can be found in Table A.6 in the Appendix. The results are very similar to

the previous ones as we find almost the same coefficient for the time spent at childcare by fathers

in high-high couples and a slightly lower coefficient, but still significant, for the money spent on

children by high-high couples. In particular, even when controlling for total disposable income,
31One could simply think of highly educated parents being more at ease when having to help their children with

homework.
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we still find that highly educated couples spend 28.9% more on their children than low-low ones.

Surprisingly, we do not find any direct effect of household total income on the money spend on

children.32

We then try to take into account the income of the household by considering the share of

household income spent on their children as a dependent variable in the last equation (Equation

(3)) instead of the logarithm of the absolute amount. The results for this exercise are presented in

Table A.7 in the Appendix. We can still see that the results concerning the time spent at childcare

are very close to the previous ones. Nonetheless, the results for the money spent on children,

expressed in this case as the share of total income, are different. In particular, we observe that

high-high couples spend 3.2 percentage points less of their income than low-low ones. The same

is found for high-low couples who spend 3.6 percentage points less. While a negative coefficient is

found for low-high couples, it is not significant.

Overall, on the one hand, it seems that trying to account for the income level of the household

does not change (at all) the results obtained for the time spend at childcare, namely that fathers in

high-high couples spend significantly more time with their children. On the other hand, however,

accounting for total income appears to somehow mitigate the results found for the money spent on

children, the most likely explanation being that high-high couples have larger income than low-low

ones as could be observed in Figure A.3 in the Appendix. The initial result is, nevertheless, still of

interest, as whether it comes from a larger income or not, children in high-high couples still benefit

from a dual advantage.

Controlling for hourly wages is important in such an exercise, as wage has been considered

since Becker (1965) to represent the opportunity cost of the time not devoted to paid work. We

decided not to do so in our baseline exercise as we do not have a precise measure for the hourly

wages of the individuals. We, however, decided to test whether our results were robust to the

inclusion of a constructed measure of the wages of both partners. To construct this measure, we

use the information in the MEqIn database on the monthly income from employment (and self-

employment) of the individuals, as well as on the time they spend at paid work per week. We can

therefore construct an hourly wage measure, for working individuals only, by dividing the monthly

income by 4 and then by the amount of time spent on paid work per week. Following Gimenez-

Nadal and Molina (2013), we then constructed the relative wage of partners by dividing women’s

wage by the wage of their partners (i.e. men’s wage). As the relative wage has been used in the

so-called collective model literature to estimate the sharing rule (see for instance Lise and Seitz,

2011), it could allow us to have an idea of the bargaining power of each partner within the couple.

When looking at the distribution of the constructed relative wage, it appears that its mean is of

1.68 and its median at 0.98, while the average gender wage gap for Belgium was estimated at 6%

in 2016 (Statbel, 2021). This led us not to trust too much in this constructed wage variable and

to include it in the analysis only as a robustness test.
32This could, however, be linked to a collinearity of the variable defining the types of couples according to their

educational levels and income, as we have seen in Figure A.3 in the Appendix that highly educated couples have
larger income.
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Tables A.8 and A.9 in the Appendix report the results when the constructed relative wage,

and the individuals’ wage are introduced respectively. Note that, since to have the relative wage,

both partners have to be employed, the sample is reduced by a large amount for Table A.8. For

this reason, we decided as well to perform the analysis including only the wage of the individuals.

We can see from both tables that controlling for the wage level (of the individual or relative) does

not change the result found before for the time spent at childcare as we still observe that men in

high-high couples spend more time on it. Concerning the results for the amount of money spent

on children, we can see that the coefficient for high-high couples is no longer significant when we

control for the relative wage while it still is when we control for the individuals’ wage.33

Finally, based on the fact that paid work seems to be negatively correlated with the time spend

at childcare, and significantly so for men, we decided to deepen the investigation on the potential

impact of time spent at paid work on childcare. Indeed, if one’s goal is to increase the time spent

at childcare, and especially that of fathers, the result above would suggest reducing the time spent

at paid work. Based on that premise, we perform additional analysis in which we include the labor

market status of the individuals as a regressor and remove the two equations with time spent at

paid work as a dependent variable to avoid endogeneity. The results from this analysis can be

found in Table A.10 in the Appendix. We can see that working part-time increases the time spent

by both men and women on their children but that the increase is larger for men. The increase

for men is indeed quite large as it amounts to almost 4 (AME 2.87) hours more per week. This

is in line with Hallberg and Klevmarken (2003), who find that a change in the father’s working

hours has more influence on both parents’ time spent at childcare than a change in the mother’s

working hour. We further see that working part-time increases the time spent by men and women

at housework. While the coefficient is not significant for men, it still has a p-value of 0.19, and

is positive and quite large: almost 3 (AME 2.1) hours more par week. Those results are in line

with the recommendations of Gornick and Meyers (2003) who suggest, among other things, that

a reduction in working hours as well as a protection of part-time workers can be seen as a way of

ensuring that more time is distributed to the family, as well as helping in achieving a more equal

division of paid and unpaid work between genders.

In regards with the theories exposed in Section 2, our results seem to support the gender ideology

one. In particular, it appears that specialization could explain only what is observed for couples

in which the man is highly educated and the woman not. And still, in this case, the conservative

version of the gender ideology theory is in line with the findings as well. It further appears that

we seem to go from the conservative version of the gender ideology theory for low-low couples to

the egalitarian version for high-high couples. Put otherwise, education seems to lead to a more

egalitarian division of the activities within couples. We further see that highly educated women are

more active in paid labor and that it does not seem to be compensated by a reduction of the time
33Note that for this last equation with the log of the money spent on children as an outcome, we controlled for

the wage of the man in the couple. We, however, did the same exercise controlling for women’s wage in the last
equation and found that the coefficient for high-high couples was no longer significant in this case. We, however, do
not want to draw to much from this result as there are more missing values for the wages of women than for men.
The change in significance could then be due to a change in the sample rather than a mediation effect.
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they spend with their children (even when their partner spends more time at childcare), but rather

by a reduction in the time they spend doing domestic chores. While Chiappori et al. (2017) and

in particular Greenwood et al. (2005) posit that this comes from technological progresses freeing

up time used before for doing domestic chores,34 we believe that it is unlikely to be the only factor

here and that it is more likely that highly educated individuals outsource their domestic chores,

as it has been shown that the majority of the users of the Service Vouchers in Belgium are highly

educated (Goffin et al., 2018). This outsourcing often results in hiring women with a low level of

education (Goffin et al., 2018; Leduc and Tojerow, 2020).

4.3 Looking at the grandparents’ education: Transmission?

To further investigate on the question of gender ideology, and, in particular, on whether having

a higher education is associated with a change of mentalities, especially for men, we look at the

educational level of the grandparents and the effect it has on the time spent at childcare by the

parents.35 This also gives us an idea on whether there is some transmission in the behaviors of

individuals and, therefore, on whether the change of mentality that education seems to induce would

persist across generations. To do so, we replace the education variable defining groups of couples

by two variables stating whether the mother and father of the individuals had a high educational

level or not and how this impacts the time spent at childcare by the individual. In particular, in

Equation (1) we replace the variable Educi by two variables measuring the educational level of

the paternal grandparents (grandfather and grandmother), in Equation (2) Educi is replaced by

two variables measuring the educational level of the maternal grandparents, and in Equation (3),

the variable Educi is replaced by 4 variables measuring the educational level of the paternal and

maternal grandparents.36 For the grandparents, we define an individual as having a high education

if he/she completed upper secondary education or more.37 The rest of the model is the same as

before.

Given that grand-parents’ education is likely to be correlated to the one of parents, to make sure

that we are not simply replicating the exercise performed in Section 4.1, we first simply computed

the correlations of parents’ and grandparents’ education. We can see from Table A.12 and Table

A.13 both in the Appendix that the correlation between grandparents’ education (paternal and

maternal respectively) and parents’ education (father and mother respectively) are quite low.

Table 5 reports the results of the estimation when the education of the grandparents is con-

sidered. We can see from the table that there indeed seems to be some transmission across the

generations as we observe that when the paternal grandfather is highly educated, men end up

spending more time taking care of their children. Indeed, we find that men whose father is highly
34One could think of the commercialization of the dishwasher, or, more recently, of robot hovers.
35To avoid confusion with the previous part we will refer to the parents of the individuals, who are parents

themselves, as grandparents.
36We did not look at the combination of the educational level of the grandparents as was done in Section 4.1 for

the parents, to avoid having to many categories (i.e. dummy variables) for education in Equation (3). The interest
of looking at the combination of the educational levels is less clear-cut as well when thinking about transmission.

37We decided to set this lower threshold for grandparents having in mind that tertiary education was likely to be
more occasional at the time. It further seem to divide our sample in comparable groups as can be seen from Table
A.11 in the Appendix.
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Table 5: Tobit SUR estimates when grandparents’ education is considered

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Paternal grand-father’s 5.939*** -2.217 -0.748 -0.224 0.188*
education = High (1.596) (3.177) (1.189) (1.471) (0.113)

Paternal grand-mother’s -2.396 4.874 1.786 0.281 0.014
education = High (1.496) (3.200) (1.267) (1.491) (0.113)

Maternal grand-father’s -0.091 3.678 -3.387** 0.216 0.096
education = High (1.626) (3.146) (1.380) (1.522) (0.086)

Maternal grand-mother’s 1.103 10.804*** -3.964*** -1.299 -0.019
education = High (1.655) (3.316) (1.330) (1.614) (0.089)

Constant 21.463 14.405 -43.843 -23.465 8.866 38.079* 24.568 49.963** 4.026***
(17.301) (19.212) (44.603) (52.149) (12.364) (21.853) (23.197) (22.049) (1.077)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the
different dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent
variable. Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of
observations to differ from one regressions to another. The total number of observations used for this model is 266. We further allow
for the possibility of correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is shown
in Table A.14, in the Appendix. We control as well in each regressions for the age of the individuals, the logarithm of the household
non-labor income, the health status of both partners, the presence of other adults in the household, the number of children, dummy
variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region of residence of the
household. The results for those variables can be found in Table A.15, in the Appendix.
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educated spend almost up to 6 hours (AME of 4 hours) more per week on childcare than the ones

whose father has a low level of education. This again is substantial. For women, there seems

to be some transmission as well as we see that women who have highly educated mothers spend

more time in paid work and less time doing domestic chores. A lower amount of time spent doing

domestic chores for women is also observed when the maternal grandfathers are highly educated.

We further see that households whose paternal grandfather is highly educated tend to spend more

money on their children by a sizable amount (more than 20% more).

We find very similar results when we include the money spent on public goods instead of the

money spent on children. Indeed, the coefficients found for the time variables are almost virtually

the same, as can be seen in Table A.16, in the Appendix. We further see that, for money spent

on public goods, it is now the educational level of the grandmothers (both maternal and paternal)

that seem to lead to higher spending.

Although we have shown that the educational level of parents and grandparents are not highly

correlated, we decided to include only the grandparents’ level of education (i.e. without the com-

bination of education of both partners) in the baseline exercise for this Section. We, nonetheless,

performed the exercise as well, while including both the combination of the educational level of

the parents and the educational level of the paternal and/or maternal grandparents as was done

in Table 5. The results from this exercise can be found in Table A.17 in the Appendix. We can

see from this table that the results observed for grandparents above in Table 5 remain even when

we control for the education of both parents. The only change is that the coefficient for paternal

grandfather with a high education in the last column (the one with the log of money spent on

children as outcome) is no longer significant (the p-value is 0.153). Concerning the combination of

the educational level of both parents, we find as well similar results as in Section 4.1, except that

the coefficient for childcare by the father for high-high couples is no longer significant, although

its p-value is of 0.138. This could mean the larger amount of time spent by fathers in high-high

couples on childcare found previously mainly comes from the fathers in these couples who have a

highly educated father themselves.38

Finally, in line with previous studies on transmission of gender norms such as Fernández et al.

(2004) and Morrill and Morrill (2013), we include the educational level of both paternal and

maternal grandparents to see if there might be some effect, for instance, of mothers-in-law on

women’s time allocations. Table A.18 in the Appendix reports the results of this exercise. The

results observed in Table 5 are still present except for the money spent on children (the p-value

is however the lowest for the education of the paternal grandfather and is equal to 0.129). We

further see that the transmission of the effects seem to occur through the paternal grandparents for

childcare and the maternal ones for paid work. Indeed, in addition to the results already observed

in Table 5, we see that when the paternal grandmother is more educated, mothers spend more time

at childcare, while when the maternal grandmother is more educated fathers spend more time on

the paid labor market.
38We, indeed, see in our sample that almost 80% of the fathers in high-high couples have a highly educated father

themselves.
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Those results are as well in line with the gender ideology theory, and even its egalitarian version,

as it could be argued that highly educated grandmothers could have been more active on the paid

labor market therefore setting up an example for their daughters who end up spending less time

doing domestic chores and more time in paid work. While for the highly educated grandfathers, it

could be argued, given our previous results, that they were more likely to spend more time with

their children (an effect that could have been multiplied if we believe that parental time was also

positively correlated at the time). Their sons therefore have a higher benchmark as an idea of

the time parents should devote to their children and end up spending more time with their own

children. Overall, parents seem to act as role models for their children (and especially for the ones

with the same gender). In particular, for childcare, it seems to be the gender norms attitude of

the father, transmitted by his parents, that has more impact on the time spent by both partners,

while for paid work it is more the gender norm attitude of the mother.

This last result is also interesting from a policy perspective as it would mean that the changes in

behaviors of the current generation, potentially obtained through a policy change, in terms of time

spent at childcare by the fathers or time spent at work by the mothers, are likely to be transmitted

across generations.

5 Conclusion

This study looks at the link between education and the time and money that parents spend on their

children, allowing for the time spent in other activities to influence the time spent at childcare,

and taking into account the potential intra-household interdependencies in time allocations. This

is done by performing Seemingly Unrelated Regressions as was done in Gimenez-Nadal and Molina

(2013), Kimmel and Connelly (2007), and Kalenkoski et al. (2009).

For education, we first consider the combination of the educational levels of men and women

in couples, allowing us to see whether children in families that are less affluent might suffer from

a “dual disadvantage”, as posited by Altintas (2016), as they suffer from less investment both in

time and money. We then consider the impact that grandparents’ educational level might have on

the parental investment in children, both in terms of time and money. This is, to the best of our

knowledge new to this study, and it should allow to see whether there is some transmission of the

effects found across generations.

We find that, while the division of time between men and women is still gendered, it seems to

get more egalitarian when the individuals have a high level of education. Overall, our results seem

to back up the gender ideology theory with education driving the transition from its conservative

version to its egalitarian.

Childcare by both parents appears to be correlated. This does not go against previous results

by Hallberg and Klevmarken (2003) and could therefore support the explicit modeling of parental

childcare as complementary as is done in Del Boca et al. (2014), and Chiappori et al. (2017).

We find that children born in families with parents who both have a high educational level are
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likely to be better off than children with parents with a low level of education as they benefit from

more investments both in terms of time and money, with the extra time coming mainly from their

father. This could explain part of the observed increased discrepancies between children with higher

socio-economic background and the ones with lower socio-economic background (Altintas, 2016).

These inequalities would be even exacerbated if we believe the predictions made by Chiappori et al.

(2017) that having highly educated couples investing more in their children’s human capital then

leads to a reinforced assortative matching.

Concerning the other time allocations, we observe that women with a higher level of education

spend more time in paid work and that this does not come with a reduction of the time they

spend taking care of their children (on the contrary), but rather with a reduction of the time they

spend doing housework, a task that, we believe, they are likely to outsource. We further see that a

reduction of the time spent in paid work by men seems to lead to a more gender balanced division

of the unpaid work (childcare and housework) within the households.

Finally, our results seem to be transmitted over generations as it appears that grandparents’

education is linked with the time allocations of parents. In particular, grandparents seem to serve

as gendered role models to parents when it comes to time allocations.

Given that our results do not go against a complementarity of the time spent at childcare by

both parents, if one believes in said complementarity, a simple policy recommendation would be

the implementation of paternity leaves of the same duration and nature as the maternity ones.

This could even have long-lasting effects as paternity leaves have been proven to increase fathers’

involvement in childcare and housework in the long-run (Tamm, 2019). Concerning the lower in-

vestments observed in children in low-low families, if one believes that low educated individuals are

so by choice, then one should intervene directly at the children level to mitigate this effect. If, on

the other hand, education is deemed to be sociologically determined, a simple policy recommen-

dation could then include an education policy as education of the parents seems to benefit their

children, and those benefits appear to be transmitted across generations. The fact that highly

educated individuals seem to free up time only by outsourcing housework could, however, nuance

this result, as this outsourcing is likely to rely on the presence of individuals (woman) with a low

level of education. Another possibility would therefore be, as proposed by Gornick and Meyers

(2003), to join this education policy with a (collective) reduction of the time spent at paid work

as we see that a reduction of the time spent at paid work by fathers is linked with a more gender

balanced division of unpaid work within couples.

Finally, as mentioned in the Introduction, in this study, we do not discuss other forms of child

care than parental childcare, such as formal child care (e.g. crèche or daycare). We nonetheless

believe that considering the access, cost, and other features of these child care services (and in

particular the public ones) is important when thinking of the time allocations of parents and

especially when considering the division of the activities between genders. Furthermore, if we

do believe that parents with a higher educational level are better at producing children’s human

capital, formal child care and schooling system could intervene as a leveling mechanism to try to
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reduce the potential “dual disadvantage” faced by children with parents who both have a low level

of education, as described by Altintas (2016). This at least while the education policy mentioned

above is not in effective.
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A Appendix

Figure A.1: Generalized Lorenz curves of childcare time (by men and women) per education groups

Figure A.2: Generalized Lorenz curves of money spent on children and public goods per education
groups
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Figure A.3: Means of household’s income per education types with 95% confidence intervals
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Table A.1: Description of the variables used, their collection and values

Variable Collection Values

Education Constructed from answers to: “What is the highest level of education
you have successfully completed?”

Low (=at least secondary
but not higher); High
(=at least higher than
secondary)

Time spent at paid
work and commut-
ing

Constructed (by data managers): sum of answers to: “How much
time do you spend during a typical week on your paid work?” and
“How much time do you spend during a typical week on commuting
between your house and your place of work?”

Hours per week

Time spent at
housekeeping

Answers to: “How much time do you spend during a typical week
on household tasks like cooking, grocery shopping, cleaning, etc.?”

Hours per week

Time spent at
childcare

Answers to: “How much time do you spend during a typical week
on activities with the children in your household?”

Hours per week

Time spent at
Leisure

Answers to: “How much time do you spend during a typical week
on leisure activities?”

Hours per week

Money spent on
children

Constructed (by data managers) as the monthly household spend-
ing on children (including food and transport) = sum of answers
to: “amount spent per month on children under the age of 18 (such
as nursery, day care, clothing and toys)”, “share of transport expen-
ditures going to children” and “share of expenditures on food and
beverages consumed at home going to children”

Per month

Money spent on
public goods

Constructed (by data managers) as the monthly household spending
on public goods (including a virtual rent for owner-occupiers) = sum
of answers to “Monthly household spending on”: “(virtual) rent”,
“utilities and insurance”, “outings”, “vacations”, “common transport”
and “other things”

Per month (set to a miss-
ing if one component of
the sum is missing)

Age of respondent age of respondent, expressed in completed years at the time of the
interview.

Numerical

Working status Constructed from variables: “Are you currently in paid employ-
ment?” and “Do you work full-time or part-time?”

Not working; Working
FT; Working PT

Health (self-
perceived)

Constructed from answers to: “How would you generally character-
ize your health?”

Low (=Fair, and Bad);
Good (=Good); High
(=Very good, and Excel-
lent)

Household income Constructed (by data managers) as the household disposable income
(including guess of child benefits, without social corrections)

Per month

Household non-
labor income

Constructed: sum of variables (constructed by data managers): 2 at
the individual level: “Benefits including alimony, excluding pensions
and child benefits” and “Individual income from pensions”, summed
to have household value; and 2 at the household level: “Household
income from real estate”, and “Imputed child benefits”. Capital in-
come was not included given the high number of missing values.

Per month

Number of chil-
dren

Constructed (by data managers) as the number of household mem-
bers that are younger than 18

Numerical

Other adults in the
household

Constructed: binary, set to 1 if more than two adults (i.e. individ-
uals older than 18 years old) in the household

Binary

Children under 3 Constructed: binary, set to 1 if the age of a member of the household
identified as a child ( with/not with current spouse or partner; of
current spouse of partner; of former spouse or partner) is under 3

Binary

Children between
3 and 6

Constructed: binary, set to 1 if the age of a member of the household
identified as a child ( with/not with current spouse or partner; of
current spouse of partner; of former spouse or partner) is between
3 and 6

Binary

Children between
6 and 12

Constructed: binary, set to 1 if the age of a member of the household
identified as a child ( with/not with current spouse or partner; of
current spouse of partner; of former spouse or partner) is between
6 and 12

Binary

Note: More information on the content and structure of the MEqIn dataset, as well as how the variables were collected
and/or constructed can be found on: https://sites.google.com/view/meqin/data
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Table A.2: Fraction of zeroes observed for the various activities.

Activities Fraction of zeroes

Childcare Father 5.26%
Mother 3.75%

Paid work Father 7.14%
Mother 20.30%

Domestic work Father 6.02%
Mother 0.37%

Leisure Father 5.26%
Mother 4.51%

Note: This table shows the fraction of zeroes
observed for each activities when the SUR re-
gression is performed. Fraction are shown in-
stead of absolute numbers since the cmp com-
mand in Stat allows for different number of
observations in the different regressions of the
model.
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Table A.3: Tobit SUR estimates - with total household childcare

log(Money
Household Paid work Domestic work Leisure spent on

Childcare Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8)

Education type Low-High 1.538 11.002*** 15.141*** -0.854 -7.253*** 1.987 0.854 0.181
of the couple (2.461) (3.465) (3.955) (1.411) (1.837) (2.411) (1.926) (0.136)
(Man-Woman - High-Low 3.326 6.723* 4.088 -1.673 -4.567* 1.519 2.020 0.047
OC: Low-Low) (3.103) (3.878) (5.020) (1.587) (2.332) (2.165) (2.492) (0.131)

High-High 4.741** 11.259*** 21.647*** 1.371 -8.976*** 3.100* -1.307 0.343***
(2.408) (3.177) (3.903) (0.998) (1.655) (1.621) (1.707) (0.105)

Log (Household non- 0.901 -5.295*** -2.057 -0.207 -0.843 0.010 0.249 0.068
labor income) (0.924) (1.403) (1.305) (0.510) (0.605) (0.591) (0.666) (0.081)

Other adults in Household -6.876*** 5.006 4.099 -0.946 2.410 0.191 -1.937 -0.194
(2.414) (4.059) (4.574) (1.611) (2.679) (2.378) (2.789) (0.146)

Number of children in -2.427** 3.376** -6.131*** 0.647 5.150*** -0.115 0.138 0.263***
Household (0.954) (1.693) (2.139) (0.532) (1.063) (0.889) (0.929) (0.053)

Children under 3 8.374*** 0.833 -1.220 -0.500 0.600 0.484 -3.207 -0.131
(3.238) (3.913) (4.661) (1.094) (1.853) (1.823) (1.962) (0.101)

Children between 3 and 6 13.147*** -0.443 3.588 -1.553 -2.571* -1.450 -3.014* -0.144
(2.604) (2.677) (3.015) (0.961) (1.446) (1.532) (1.574) (0.094)

Children between 6 and 12 3.204 1.001 3.433 0.495 -0.883 1.340 0.612 -0.124
(2.054) (3.032) (3.962) (1.006) (1.890) (1.620) (1.858) (0.096)

Constant 55.254* -21.107 0.546 13.369 28.615 35.062 66.237*** 4.439***
(30.642) (45.540) (48.969) (11.387) (21.988) (24.396) (24.257) (1.100)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the
different dependent variables considered and estimated jointly. Columns (1) to (7) reports the marginal effects on the uncensored latent
variable. Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of
observations to differ from one regression to another. The total number of observations used for this model is 267. We further allow
for the possibility of correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is available
upon request. We control as well in each regression for the age of the individuals, the health status of both partners, as well as the
region of residence.

37



Table A.4: Tobit SUR estimates - with money spent on public goods

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women public goods)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -1.120 3.033 11.038*** 15.381*** -0.845 -7.310*** 2.028 0.798 0.297***
of the couple (1.325) (1.948) (3.453) (4.003) (1.389) (1.841) (2.403) (1.925) (0.064)
(Man-Woman - High-Low -0.106 2.313 6.660* 4.752 -1.598 -4.652** 1.372 1.950 0.288***
OC: Low-Low) (1.679) (2.347) (3.836) (4.989) (1.565) (2.333) (2.177) (2.485) (0.066)

High-High 2.872** 2.097 11.229*** 22.516*** 1.385 -9.193*** 3.019* -1.422 0.536***
(1.351) (1.579) (3.177) (3.927) (0.996) (1.661) (1.610) (1.717) (0.062)

Log (Household non- 0.126 0.266 -5.366*** -2.082 -0.207 -0.855 -0.042 0.256 0.001
labor income) (0.475) (0.624) (1.411) (1.319) (0.490) (0.601) (0.596) (0.663) (0.019)

Other adults in Household -3.147** -4.264** 4.907 5.001 -0.867 2.143 0.097 -1.935 0.144*
(1.543) (1.683) (4.033) (4.537) (1.589) (2.673) (2.352) (2.797) (0.074)

Number of children in -1.465*** -1.163 3.293* -5.690*** 0.696 5.052*** -0.171 0.093 0.009
Household (0.506) (0.807) (1.702) (2.041) (0.525) (1.052) (0.875) (0.924) (0.027)

Children under 3 2.294 7.770*** 1.273 -2.826 -0.652 1.094 0.821 -2.993 -0.070
(1.679) (2.036) (3.927) (4.527) (1.095) (1.840) (1.828) (1.934) (0.070)

Children between 3 and 6 7.694*** 6.340*** -0.303 2.882 -1.620* -2.311 -1.233 -2.947* -0.037
(1.488) (1.779) (2.689) (3.111) (0.957) (1.446) (1.533) (1.573) (0.054)

Children between 6 and 12 1.686 1.837 1.174 3.281 0.463 -0.816 1.411 0.665 0.001
(1.193) (1.513) (3.036) (3.960) (1.000) (1.889) (1.614) (1.871) (0.051)

Constant 9.338 15.524 -23.401 22.236 15.068 22.449 31.155 63.937*** 5.869***
(14.752) (18.709) (42.894) (45.794) (11.445) (21.152) (24.559) (24.289) (0.576)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different dependent
variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable. Average marginal effects
on the observed outcome are available upon request. The cmp command allows the number of observations to differ from one regression to another.
The total number of observations used for this model is 267. We further allow for the possibility of correlation in the unobserved determinants of our
dependent variables, the correlation matrix obtained is available upon request. We control as well in each regression for the age of the individuals,
the health status of both partners, as well as the region of residence.
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Table A.5: Tobit SUR estimates - With the time and money spent per children

Childcare log(Money spent
per children Paid work Domestic work Leisure on children

Men Women Men Women Men Women Men Women /#children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High 0.092 3.096** 11.041*** 14.975*** -0.850 -7.221*** 2.188 0.852 0.189
of the couple (1.065) (1.430) (3.477) (3.949) (1.412) (1.827) (2.405) (1.938) (0.142)
(Man-Woman - High-Low 1.620 4.010 6.573* 3.767 -1.597 -4.517* 1.696 2.017 0.072
OC: Low-Low) (1.537) (2.457) (3.875) (5.035) (1.593) (2.310) (2.192) (2.505) (0.136)

High-High 1.953** 1.865* 11.180*** 21.441*** 1.412 -8.931*** 3.216** -1.342 0.303***
(0.971) (1.122) (3.189) (3.854) (1.004) (1.652) (1.609) (1.712) (0.111)

Log (Household non- -0.879* -1.137* -5.372*** -1.848 -0.193 -0.877 -0.320 0.213 0.003
labor income) (0.503) (0.599) (1.442) (1.298) (0.515) (0.624) (0.623) (0.698) (0.075)
Constant 23.604* 32.308** -24.514 -2.314 14.974 28.725 35.499 66.083*** 5.213***

(12.314) (14.057) (44.424) (48.576) (11.287) (22.027) (24.665) (24.199) (1.178)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different dependent
variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable. Average marginal effects
on the observed outcome are available upon request. The cmp command allows the number of observations to differ from one regression to another.
The total number of observations used for this model is 267. We further allow for the possibility of correlation in the unobserved determinants of our
dependent variables, the correlation matrix obtained is available upon request. We control as well in each regression for the age of the individuals,
the health status of both partners, the presence of other adults in the household, the number of children, dummy variables indicating the presence of
children: under 3, between 3 and 6, between 6 and 12, as well as the region of residence of the household. The results for those variables are similar
than in the previous cases and available upon request.
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Table A.6: Tobit SUR estimates - controlling for total disposable income only in the last regression

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -1.118 3.095 10.978*** 15.101*** -0.856 -7.259*** 2.006 0.839 0.189
of the couple (1.324) (1.965) (3.456) (3.964) (1.395) (1.841) (2.397) (1.927) (0.131)
(Man-Woman - High-Low -0.081 2.407 6.499* 4.040 -1.648 -4.558* 1.345 1.996 -0.047
OC: Low-Low) (1.672) (2.354) (3.836) (5.034) (1.575) (2.339) (2.183) (2.489) (0.133)

High-High 2.891** 2.330 11.191*** 21.534*** 1.397 -8.941*** 3.023* -1.357 0.254**
(1.352) (1.571) (3.171) (3.894) (0.999) (1.658) (1.610) (1.703) (0.129)

Log (Household non- 0.110 0.187 -5.703*** -2.343* -0.290 -0.874 -0.127 0.311
labor income) (0.469) (0.605) (1.466) (1.379) (0.467) (0.609) (0.589) (0.688)

Log (Household 0.128
total income) (0.119)

Constant 9.828 20.027 -25.085 1.473 14.725 28.511 31.287 64.973*** 3.652***
(14.843) (18.806) (43.363) (49.563) (11.465) (21.986) (24.591) (24.146) (1.414)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to
differ from one regression to another. The total number of observations used for this model is 267. We further allow for the possibility of
correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is available upon request. We control
as well in each regression for the age of the individuals, the health status of both partners, the presence of other adults in the household, the
number of children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region
of residence of the household. The results for those variables are similar than in the previous cases and available upon request.
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Table A.7: Tobit SUR estimates - With the share of income spent on children

Share of
Childcare Paid work Domestic work Leisure income spent

Men Women Men Women Men Women Men Women on children

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -1.120 3.062 11.079*** 15.269*** -0.833 -7.251*** 2.030 0.811 -0.016
of the couple (1.325) (1.953) (3.468) (3.979) (1.388) (1.842) (2.402) (1.925) (0.011)
(Man-Woman - High-Low -0.089 2.364 6.596* 4.316 -1.623 -4.564* 1.369 1.978 -0.036***
OC: Low-Low) (1.674) (2.354) (3.862) (5.054) (1.568) (2.338) (2.182) (2.491) (0.011)

High-High 2.879** 2.240 11.209*** 21.717*** 1.375 -8.971*** 3.023* -1.350 -0.032***
(1.351) (1.563) (3.183) (3.903) (0.996) (1.656) (1.612) (1.706) (0.010)

Log (Household non- 0.130 0.286 -5.398*** -2.162* -0.214 -0.837 -0.040 0.263
labor income) (0.471) (0.614) (1.425) (1.280) (0.489) (0.594) (0.593) (0.664)

Constant 9.612 19.438 -25.267 1.928 14.498 28.577 31.097 65.545*** 0.124
(14.825) (18.639) (43.027) (48.489) (11.414) (21.535) (24.521) (24.338) (0.101)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to differ
from one regression to another. The total number of observations used for this model is 267. We further allow for the possibility of correlation
in the unobserved determinants of our dependent variables, the correlation matrix obtained is available upon request. We control as well in
each regression for the age of the individuals, the health status of both partners, the presence of other adults in the household, the number of
children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region of residence
of the household. The results for those variables are similar than in the previous cases and available upon request.
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Table A.8: Tobit SUR estimates - Controlling for relative wage

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -0.658 2.948 1.203 7.314*** -0.524 -5.051*** 1.624 -0.364 0.167
of the couple (1.394) (2.032) (2.992) (2.197) (1.679) (1.481) (2.325) (2.195) (0.156)
(Man-Woman - High-Low 1.198 2.367 0.328 -0.809 -2.582 -2.664 -0.448 -1.423 -0.061
OC: Low-Low) (1.993) (2.384) (2.984) (3.384) (1.906) (2.366) (2.272) (2.551) (0.173)

High-High 3.653** 2.695 0.710 4.579** 1.335 -4.527*** 1.920 -1.615 0.143
(1.456) (1.694) (2.761) (2.248) (1.261) (1.685) (1.875) (1.988) (0.150)

Log(Household non- -0.170 0.348 -1.273 0.665 -0.360 -0.492 0.117 -0.193 0.108
labor income) (0.430) (0.556) (0.791) (0.736) (0.694) (0.547) (0.541) (0.554) (0.099)

relative wage -0.098 -0.120 0.636* 0.309 -0.316** -0.246 -0.234 0.040 0.018
(0.214) (0.235) (0.367) (0.200) (0.123) (0.183) (0.325) (0.290) (0.018)

Constant 17.646 21.050 61.705* -0.202 18.652 16.860 11.779 102.478*** 5.453***
(25.857) (21.130) (34.934) (36.759) (21.500) (21.774) (27.509) (29.060) (1.772)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to
differ from one regression to another. The total number of observations used for this model is 196. We further allow for the possibility of
correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is available upon request. We control
as well in each regression for the age of the individuals, the health status of both partners, the presence of other adults in the household, the
number of children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region
of residence of the household. The results for those variables are available upon request.
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Table A.9: Tobit SUR estimates - Controlling for the individuals’ hourly wage

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -0.070 3.176* 2.058 8.257*** -0.169 -5.314*** 2.668 1.039 0.195
of the couple (1.159) (1.855) (2.641) (2.086) (1.447) (1.404) (2.381) (2.000) (0.129)
(Man-Woman - High-Low 0.437 2.436 3.430 0.545 -2.255 -3.041 -1.063 -0.301 -0.015
OC: Low-Low) (1.758) (2.148) (2.481) (3.120) (1.750) (2.250) (2.183) (2.233) (0.133)

High-High 2.894** 3.059* 4.277* 6.279*** 1.089 -4.282*** 1.058 -1.248 0.246**
(1.286) (1.563) (2.256) (2.144) (1.155) (1.592) (1.865) (1.760) (0.106)

Log(Household non- -0.231 0.329 -0.808 0.680 -0.302 -0.475 0.089 -0.316 0.098
labor income) (0.419) (0.548) (0.715) (0.723) (0.583) (0.538) (0.541) (0.582) (0.087)

Individual’s wage 0.087 -0.041 -0.383* -0.353*** 0.079 -0.079 0.188 0.090 0.007
(0.076) (0.077) (0.205) (0.114) (0.074) (0.070) (0.138) (0.162) (0.006)

Constant 16.429 12.945 65.280*** -0.086 5.128 16.442 -0.206 80.764*** 5.151***
(16.155) (20.105) (21.811) (35.086) (13.145) (19.025) (21.004) (27.779) (1.234)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to
differ from one regression to another. The total number of observations used for this model is 249. We further allow for the possibility of
correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is available upon request. We control
as well in each regression for the age of the individuals, the health status of both partners, the presence of other adults in the household, the
number of children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region
of residence of the household. The results for those variables are available upon request.
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Table A.10: Tobit SUR estimates - With the working status

log(Money
Childcare Domestic work Leisure spent on

Men Women Men Women Men Women children)
(1) (2) (3) (4) (5) (6) (7)

Education type Low-High -0.403 3.952** -0.766 -4.413*** 1.904 1.223 0.141
of the couple (1.255) (1.975) (1.378) (1.607) (2.396) (1.951) (0.134)
(Man-Woman - High-Low 0.387 2.524 -1.703 -3.821* 1.013 2.223 -0.004
OC: Low-Low) (1.548) (2.367) (1.662) (2.022) (2.213) (2.376) (0.129)

High-High 3.690*** 3.239* 1.427 -5.013*** 2.783* -0.491 0.284***
(1.299) (1.747) (1.024) (1.486) (1.678) (1.762) (0.105)

Working Not working 5.129 3.301 0.493 12.840*** -0.885 2.886 -0.324*
status (OC: (3.305) (2.012) (2.056) (2.003) (2.958) (2.062) (0.170)
Employed FT) Employed PT 3.959** 2.086* 2.983 4.573*** 4.562 -0.634 0.008

(1.820) (1.237) (2.275) (1.259) (3.140) (1.343) (0.150)
Constant 3.799 15.408 12.720 19.851 31.113 64.953*** 4.384***

(15.953) (19.838) (11.859) (19.487) (24.553) (25.064) (1.084)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained
for the different dependent variables considered and estimated jointly. Columns (1) to (6) reports the marginal effects on
the uncensored latent variable. Average marginal effects on the observed outcome are available upon request. The cmp
command allows the number of observations to differ from one regression to another. The total number of observations used
for this model is 267. We further allow for the possibility of correlation in the unobserved determinants of our dependent
variables, the correlation matrix obtained is available upon request. We control as well in each regression for the age of
the individuals, the logarithm of the household non-labor income, the health status of both partners, the presence of other
adults in the household, the number of children, dummy variables indicating the presence of children: under 3, between 3
and 6, between 6 and 12, as well as the region of residence of the household. The results for those variables are similar
than in the previous cases and available upon request.
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Table A.11: Proportions of the levels of education of the grandparents

Man’s Woman’s
Frequency of the group Father Mother Father Mother

Low 0.450 0.473 0.420 0.484
(0.033) (0.033) (0.033) (0.033)

High 0.550 0.527 0.580 0.516
(0.033) (0.033) (0.033) (0.033)

N 255 259 257 260

Table A.12: Correlation of education level of the fathers and their parents

Grand-father Grand-mother father

Grand-father 1
Grand-mother 0.6407 1
father 0.2568 0.3503 1

Table A.13: Correlation of education level of the mothers and their parents

Grand-father Grand-mother mother

Grand-father 1
Grand-mother 0.5043 1
mother 0.3393 0.3826 1
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Table A.14: Correlation matrix of residuals from the model presented in Table 5

log(Money
Childcare Paid Domestic Leisure spent on

Father Mother Father Mother Father Mother Father Mother children)

Childcare Father 1

Mother 0.349*** 1
(0.085)

Paid work Father -0.159** 0.196** 1
(0.079) (0.077)

Mother 0.102 -0.122 0.106 1
(0.067) (0.075) (0.085)

Domestic work Father 0.109 -0.117* -0.199*** 0.097 1
(0.075) (0.065) (0.067) (0.065)

Mother -0.181*** 0.121** 0.138* -0.518*** -0.079 1
(0.069) (0.061) (0.080) (0.075) (0.077)

Leisure Father 0.127* 0.156* -0.145* -0.009 0.182*** 0.056 1
(0.066) (0.081) (0.078) (0.074) (0.068) (0.073)

Mother 0.005 0.113 0.036 -0.221*** 0.100* 0.170*** 0.437*** 1
(0.058) (0.073) (0.090) (0.079) (0.059) (0.059) (0.074)

log(Money spent on children) 0.113 0.170** 0.185** 0.158*** 0.205*** -0.068 0.105 -0.020 1
(0.090) (0.081) (0.073) (0.057) (0.080) (0.071) (0.064) (0.059)

Note: Correlation matrix of residuals. In particular, the table shows the arc-hyperbolic tangents of the ρ’s obtained from the SUR
system exposed in Table 5.
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Table A.15: Rest of the Tobit SUR estimates when grandparents’ education is considered (Table 5)

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Age -0.671 0.090 5.020** 1.929 -0.244 -1.197 -0.758 -2.110* 0.036
(0.817) (0.927) (2.204) (2.814) (0.601) (1.158) (1.180) (1.174) (0.054)

Age squared 0.006 -0.006 -0.057** -0.020 0.003 0.015 0.011 0.030* -0.000
(0.009) (0.011) (0.026) (0.038) (0.007) (0.015) (0.014) (0.016) (0.001)

Log (Household non- 0.335 0.276 -5.845*** -1.289 -0.071 -0.938 0.171 0.002 0.068
labor income) (0.528) (0.636) (1.637) (1.246) (0.494) (0.645) (0.608) (0.637) (0.082)

Father’s health High -0.741 -0.176 2.191 2.774 -0.541 -0.044 -1.558 0.358 0.052
(OC: Good (1.269) (1.542) (2.783) (3.017) (1.010) (1.386) (1.539) (1.369) (0.090)
health) Low -2.120 1.438 -0.136 0.081 -0.366 -0.649 -1.489 0.576 -0.047

(1.861) (2.456) (6.063) (5.683) (1.517) (2.298) (2.499) (2.552) (0.211)
Mother’s health High 1.080 -2.991* 1.905 4.609 -0.082 1.345 -3.833** -1.009 -0.055
(OC: Good (1.310) (1.630) (2.859) (3.348) (1.052) (1.553) (1.597) (1.429) (0.093)
health) Low 0.744 -4.337 -1.396 -6.554 -2.668* -0.954 -1.079 -1.317 -0.127

(1.500) (3.072) (4.983) (6.333) (1.413) (2.415) (2.535) (2.391) (0.127)
Other adults in Household -6.073*** -3.814** 4.706 0.341 -1.189 3.884 -0.123 -3.463 -0.240

(1.590) (1.733) (4.618) (4.832) (1.780) (2.701) (2.415) (2.520) (0.153)
Number of children in -1.096** -0.213 2.798 -3.460 0.930 3.938*** 0.120 -0.873 0.313***

Household (0.511) (0.853) (1.791) (2.435) (0.568) (1.250) (0.815) (0.760) (0.067)
Children under 3 2.166 6.521*** 0.010 2.322 -0.119 -1.535 1.748 -2.001 -0.174*

(1.737) (1.987) (4.465) (4.344) (1.120) (1.828) (1.825) (1.911) (0.100)
Children between 3 and 6 7.148*** 4.943*** -0.613 4.602 -1.637 -3.103** -1.149 -1.881 -0.171*

(1.605) (1.818) (3.366) (3.200) (1.050) (1.456) (1.642) (1.496) (0.102)
Children between 6 and 12 0.360 0.592 -0.183 0.775 0.658 0.351 0.860 0.746 -0.192*

(1.271) (1.558) (3.548) (4.079) (1.116) (2.071) (1.601) (1.821) (0.103)
Region Flanders 1.898 3.271 10.048** 11.615** 3.560*** 7.598*** 3.364 1.327 -0.001
(OC: Brussels) (1.470) (2.092) (5.032) (5.831) (1.350) (1.974) (3.281) (2.321) (0.123)

Wallonia 2.660 6.518*** 4.999 6.840 0.154 3.071* 4.504 4.803* -0.069
(1.677) (2.433) (5.208) (6.227) (1.468) (1.861) (3.497) (2.649) (0.139)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to differ
from one regression to another. The total number of observations used for this model is 266.
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Table A.16: Tobit SUR estimates when grandparents’ education is considered and with money spent on public goods

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women public goods)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Paternal grand-father’s 5.941*** -2.329 -0.765 -0.245 0.026
education = High (1.594) (3.185) (1.176) (1.470) (0.058)

Paternal grand-mother’s -2.408 4.973 1.716 0.290 0.150***
education = High (1.493) (3.217) (1.258) (1.488) (0.057)

Maternal grand-father’s -0.080 3.657 -3.368** 0.233 0.013
education = High (1.628) (3.131) (1.379) (1.521) (0.053)

Maternal grand-mother’s 1.118 10.832*** -4.010*** -1.331 0.206***
education = High (1.660) (3.268) (1.326) (1.612) (0.051)

Constant 0.771 -4.232 -1.266 -6.597 -2.671* -0.891 -1.089 -1.312 -0.073
(1.498) (3.065) (4.945) (6.210) (1.408) (2.408) (2.536) (2.382) (0.076)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the
different dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent
variable. Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of
observations to differ from one regression to another. The total number of observations used for this model is 266. We further allow for
the possibility of correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is very similar
to the one shown in Table A.14, and is available upon request. We control as well in each regression for the age of the individuals,
the logarithm of the household non-labor income, the health status of both partners, the presence of other adults in the household, the
number of children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the
region of residence of the household. The results for those variables are very close to the ones found in Table A.15, and are available
upon request.
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Table A.17: Tobit SUR estimates when grandparents’ education is considered together with the combination of parents’ education

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Education type Low-High -1.189 2.123 10.243*** 11.159*** -0.706 -5.263*** 2.121 2.539 0.059
of the couple (1.421) (1.998) (3.756) (4.143) (1.604) (1.913) (2.454) (1.896) (0.162)
(Man-Woman - High-Low -0.311 1.330 6.711* 0.283 -1.998 -3.143 1.851 3.885 -0.018
OC: Low-Low) (1.650) (2.484) (3.921) (5.049) (1.620) (2.397) (2.225) (2.497) (0.147)

High-High 2.168 0.873 12.278*** 14.927*** 0.953 -5.388*** 3.779** -0.034 0.256*
(1.462) (1.866) (3.538) (4.181) (1.133) (1.830) (1.817) (1.796) (0.141)

Paternal grand-father’s 4.910*** -3.570 -0.607 -0.521 0.167
education = High (1.418) (3.054) (1.208) (1.549) (0.117)

Paternal grand-mother’s -2.021 0.634 1.526 -0.296 -0.046
education = High (1.316) (3.049) (1.291) (1.571) (0.111)

Maternal grand-father’s -0.264 2.070 -2.673* 0.285 0.105
education = High (1.707) (3.115) (1.416) (1.457) (0.090)

Maternal grand-mother’s 2.066 7.928** -2.897** -0.662 -0.028
education = High (1.678) (3.305) (1.421) (1.733) (0.098)

Constant 14.742 19.566 -27.155 4.731 15.953 29.098 32.637 49.200** 4.746***
(14.202) (19.846) (43.077) (51.928) (11.841) (21.677) (24.740) (22.179) (1.200)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the different
dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent variable.
Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of observations to
differ from one regression to another. The total number of observations used for this model is 262. We further allow for the possibility of
correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is similar to the one shown in Table
A.14, and is available upon request. We control as well in each regression for the age of the individuals, the logarithm of the household
non-labor income, the health status of both partners, the presence of other adults in the household, the number of children, dummy variables
indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the region of residence of the household. The
results for those variables are close to the ones found in Table A.15, and are available upon request.
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Table A.18: Tobit SUR estimates when grandparents’ education on both side (paternal and maternal) is considered

log(Money
Childcare Paid work Domestic work Leisure spent on

Men Women Men Women Men Women Men Women children)

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Paternal grand-father’s 5.224*** -2.740 -1.624 4.119 -0.739 2.078 0.261 1.079 0.168
education = High (1.616) (1.890) (3.397) (3.702) (1.246) (1.552) (1.623) (1.477) (0.110)

Paternal grand-mother’s -0.550 3.422* 3.793 4.911 0.703 -3.792** -0.649 -2.882* 0.050
education = High (1.510) (1.759) (3.450) (3.600) (1.321) (1.619) (1.562) (1.489) (0.120)

Maternal grand-father’s -0.002 -0.754 -2.033 1.522 0.114 -2.928** -0.564 0.107 0.068
education = High (1.451) (2.106) (3.329) (3.241) (1.094) (1.341) (1.812) (1.661) (0.092)

Maternal grand-mother’s 0.610 2.748 5.426* 9.839*** 1.998* -2.885** 3.225** 0.541 0.086
education = High (1.373) (1.706) (2.832) (3.367) (1.051) (1.251) (1.604) (1.764) (0.084)

Constant 22.434 22.094 -49.477 -22.522 5.607 35.878 33.560 48.671** 3.983***
(18.083) (19.480) (46.621) (54.330) (11.860) (22.278) (22.054) (22.684) (1.078)

Note: Robust standard errors in parentheses. * p<0.10, ** p<0.05, *** p<0.01. Each column reports the results obtained for the
different dependent variables considered and estimated jointly. Columns (1) to (8) reports the marginal effects on the uncensored latent
variable. Average marginal effects on the observed outcome are available upon request. The cmp command allows the number of
observations to differ from one regression to another. The total number of observations used for this model is 266. We further allow for
the possibility of correlation in the unobserved determinants of our dependent variables, the correlation matrix obtained is very similar
to the one shown in Table A.14, and is available upon request. We control as well in each regression for the age of the individuals,
the logarithm of the household non-labor income, the health status of both partners, the presence of other adults in the household, the
number of children, dummy variables indicating the presence of children: under 3, between 3 and 6, between 6 and 12, as well as the
region of residence of the household. The results for those variables are very close to the ones found in Table A.15, and are available
upon request.
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