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Abstract

Our paper investigates how emotions and cognitive biases shape small investors’ decisions

in a bearish market or are perceived as such. Using semi-structured interviews and a focus

group, we analyze the behavior of eight management science students engaged in a three-
day trading simulation with virtual portfolios. Our findings show that emotions are active

forces influencing judgment. Fear, often escalating into anxiety, was pervasive in response

to losses and uncertainty, while frustration and powerlessness frequently led to decision

paralysis. Early successes sometimes generated happiness and pride but also resulted

in overconfidence and excessive risk-taking. These emotional dynamics contributed to

the emergence of cognitive biases such as loss aversion, anchoring, confirmation bias,
overconfidence, familiarity bias and herd behavior. Emotions often acted as precursors

to biases, which then translated into specific decisions—such as holding losing positions,
impulsive “revenge” trades or persisting with unsuitable financial strategies. In some cases,
strong emotions bypassed cognitive biases and directly drove behavior. Social comparison

through portfolio rankings also moderated responses, offering both comfort and additional

pressure. By applying a qualitative perspective—not commonly used in behavioral finance—
our study highlights the dynamic chain of emotions — biases — decisions and the role of

social context. While limited by sample size and the short simulation period, this research

provides empirical insights into how psychological mechanisms shape investment behavior

under stress, offering avenues for future quantitative studies.

Keywords: emotions; cognitive biases; decision-making; simulation; behavioral finance;
experimental finance

1. Introduction

Financial decision-making has long been framed by traditional finance, where in-
vestors are assumed to be rational agents maximizing utility through systematic cost—
benefit calculations (Singh, 2012). Behavioral finance has challenged this view, showing
that bounded rationality, emotions and cognitive biases often shape real-world decisions
(Pak & Mahmood, 2015; Treffers et al., 2020). Psychological forces frequently drive market
behavior, particularly among individual investors who are more vulnerable to emotional
pressures (Mouna & Anis, 2015; Tian, 2024).

Emotions such as fear, anxiety or frustration may alter risk perception and encourage
defensive choices (Lo et al., 2005; Bishop & Gagne, 2018). Conversely, positive emotions
like pride or early success may generate overconfidence and lead to excessive risk-taking
(Hutcherson & Gross, 2011; Gosling & Moutier, 2017). Emotions do not always lead
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to irrationality but rather interact with cognitive mechanisms in ways that can produce
adaptive decisions (Matsumoto & Wilson, 2023).

Cognitive biases—including loss aversion, anchoring, overconfidence, familiarity and
herd behavior—further influence how investors process information and act in uncertain
environments (Konteos et al., 2018; Y. Wang, 2023). Recent work emphasizes that these
biases often emerge dynamically under stress, especially when combined with strong emo-
tional responses (Utari et al., 2024). However, most studies rely on quantitative approaches,
which can miss the nuanced pathways linking emotions — biases — decisions.

This study adopts a qualitative perspective to explore these dynamics. We conducted
semi-structured interviews and a focus group with eight management science students
participating in a three-day trading simulation designed to reproduce a bearish context.
Our aim is the identification of psychological mechanisms and the lived experiences of
decision-making under pressure.

The research question guiding this study is: How do emotions and behavioral biases
interact to shape investment decisions in a bearish market simulation, and what role does
social context play?

For this purpose, we propose a conceptual framework where (i) emotions act as
precursors that result in biases, (ii) biases influence specific decision patterns (e.g., paralysis,
“revenge” trading or persistence with unsuitable strategies), and (iii) social interactions
moderate these processes. This framework contributes to the literature by highlighting not
only what investors feel and do but how and why these dynamics emerge.

2. State of the Art

Traditional finance assumes that investors act rationally to maximize utility. However,
this assumption has been increasingly challenged as the evidence shows that decision-
making is bounded by limited information, time constraints and cognitive limitations
(Simon, 1972; Pak & Mahmood, 2015). Behavioral finance emphasizes how emotions and
cognitive biases shape judgment, particularly among individual investors, who appear
more vulnerable to uncertainty than institutional ones (Treffers et al., 2020; Tian, 2024).

Emotions are central to financial decision-making. Fear and anxiety increase risk
aversion and decision paralysis (Lo et al., 2005; Hassan et al., 2013; Bishop & Gagne, 2018),
while frustration or anger can lead to impulsive trades and excessive risk-taking (Lerner
& Tiedens, 2006; Hutcherson & Gross, 2011; Yang et al., 2018). Positive emotions, such
as happiness and pride, may boost confidence but also generate overconfidence, leading
to poor risk assessment (H. Wang et al., 2014; Gosling & Moutier, 2017). Recent studies
confirm that emotional dynamics develop rapidly in uncertain markets, influencing both
perception and decisions (Matsumoto & Wilson, 2023; Meissner et al., 2021).

Behavioral finance has identified a range of biases relevant to our study:

e Loss aversion and the disposition effect: investors resist realizing losses, extending
losing positions (Kahneman & Tversky, 1979; Fan & Neupane, 2024).

e  Anchoring: reliance on initial performance or familiar indicators (Sharma & Firoz, 2020).

e Confirmation bias: selective attention to information supporting prior beliefs
(Konteos et al., 2018).

e  Overconfidence: overestimating skills and underestimating risks, especially after early
success (Y. Wang, 2023).

e  Familiarity and herd behavior: preference for well-known assets or imitation of peers
(Utari et al., 2024).

While emotions and biases have been studied separately, growing evidence suggests
they are interdependent: emotions often act as triggers for biases, which shape decisions
(Lerner et al., 2015). For example, fear may result in loss aversion, while pride rein-
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forces overconfidence. Moreover, social context—peer comparisons, rankings or collective
discussions—can amplify or mitigate emotional and cognitive effects (Kitzinger et al., 2004;
Utari et al., 2024).

Most studies rely on quantitative data, which do not capture the lived experience of
decision-making. This research adopts a qualitative approach to investigate how emotions
and biases interact dynamically in a bear market context, with attention paid to the moder-
ating role of social context. By focusing on processes rather than outcomes, we provide a
complementary perspective to behavioral finance, highlighting the mechanisms through
which biases emerge and shape behavior.

3. Selected Methodological Perspective and Data Collection
3.1. Selected General Methodological Perspective

Our study follows a qualitative research design, which remains underused in behav-
ioral finance despite its capacity to capture complex, lived experiences (Elo & Kyngas,
2008). Our objective was not to test hypotheses statistically, but to explore how emotions
and cognitive biases dynamically interact in stressful market conditions. It is also about
studying complex phenomena in their natural environment. Researchers using qualitative
methods aim at discovering underlying meanings, patterns and categories from unstruc-
tured data, such as interviews, observations and textual analysis (Hsieh & Shannon, 2005).
A key feature of qualitative research is its inductive perspective. Rather than testing a
pre-existing hypothesis, the inductive perspective builds theories from the data; in other
words, a bottom-up approach, allowing ideas and patterns to emerge from the information
collected. The inductive perspective focuses on exploration and flexibility, ensuring that
the research reflects the experiences of the participants, rather than forcing a rigid format
(Maykut & Morehouse, 1994). Qualitative research is underutilized in finance but crucial
to understanding the emotional dimensions of decision-making processes. Our objective
is not to quantify the frequency or magnitude of some biases or emotions but to address
the interactions and dynamics underlying decision-making in stressful situations, as ex-
perienced and interpreted. In the context of behavioral finance, a qualitative approach
facilitates the identification of patterns and decisions that would be difficult to accurately
capture through statistical measures. For example, the transition from fear to paralysis, or
from frustration to a desire for “revenge” are dynamics that only a qualitative analysis can
address (Bendassolli, 2013).

Regarding sample size, qualitative research does not aim at generalizing statistically to
a larger population (Morse, 2000). Its goal is to gain a deep understanding of a phenomenon,
explore lived experiences, identify emerging themes and build a nuanced understanding
(Sandelowski, 1995). A small number of participants provides detailed information about
each individual and also presents the opportunity to spend more time with each of them,
builds trust and explores nuances, contradictions and complexities that quantitative meth-
ods would not be able to detect. Qualitative research is an iterative process where data
collection and analysis happen in parallel. The questions and the perspective followed are
adjusted as new themes arise. A small sample provides flexibility to adapt and explore new
avenues of research as the study progresses (Guest et al., 2006).

In short, our results are indicative of psychological patterns and mechanisms at work
in a simulated environment and are not intended to be statistically generalized. They
could serve as a basis for generating hypotheses that could then be tested quantitatively on
larger samples.

For the emotions taken into consideration, the Harmon-Jones et al. (2016) classification
was first chosen, with adjustments made to achieve more pronounced polarities for surprise
and anticipation: anger, fear, sadness, disgust, anticipation (positive or negative), happiness,
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surprise (bad or good) and optimism. It should be noted that, based on the analyses
carried out, we, secondly, extended the scope of the classifications to consider emotional
patterns (such as regret, resignation or abandonment) that were not noticeable in the initial
classification (Kross & Ayduk, 2011; Qin, 2015; Frydman & Camerer, 2016).

For biases, we consider availability bias (the inclination of individual investors to
rely on readily available information without conducting additional research, Sadi et al.,
2011), overconfidence (individuals may overestimate their skills and have an overoptimistic
view of their abilities, Y. Wang, 2023), anchoring bias (individual investors make decisions
based on a specific reference or piece of information, Sharma & Firoz, 2020), herd behavior
(individuals follow the market trend, Utari et al., 2024) and prospect theory (a loss has a
greater emotional impact than an equivalent gain, Kahneman & Tversky, 1979; Summers &
Duxbury, 2012), including loss aversion (the tendency of individual investors to be reluctant
to sell losing positions, Shefrin & Statman, 1985; Padmavathy, 2024) and the disposition
effect (individuals prefer to sell a winning position and hold on to losing positions in the
hope that the stock market trend will reverse, Talpsepp & Vaarmets, 2019; Kiky et al., 2024;
Cheung & Rogut, 2024).

3.2. Selected Qualitative Methodological Tools and Data Collection

In order to collect participants’ experiences and perceptions, two qualitative methods
were selected. On the one hand, semi-structured interviews were conducted immediately
after the simulation by a single researcher with no academic ties to the participants to
guarantee open responses (see Table 1). The interviews were organized using a guide
with open-ended questions on topics related to biases and emotions and their impact
on decision making processes (see Appendix A.2). Semi-structured interviews provide
significant flexibility in terms of tailoring the interview to the context and building trust
with the participant (Longhurst, 2009). Follow-up questions also help understanding the
underlying motivations behind behaviors. Depending on the discussion, new topics may
arise, opening up avenues for future research (Oliveira, 2022).

Table 1. Statistical summary of semi-structured interviews.

Student Duration Number of Words =~ Number of Pages
L1 42 min 4466 10
1.2. 42 min 6827 12
L.3. 59 min 7922 14
1.4. 43 min 7492 12
L5. 42 min 5949 12
Lé. 36 min 6124 11
L7. 36 min 5946 11
L8. 33 min 5577 10
Mean 42 min 6288 11.5
Maximum 59 min 7922 14
Minimum 33 min 4466 10
Standard Deviation 8 1102 1.3

On the other hand, focus groups generate context-specific data by collecting different
perspectives on an issue. Some authors (Kitzinger et al., 2004) relate focus groups to the
psycho-sociological theory of social representations, considering them to be “miniature
thinking societies” They can be used to analyze how social representations are constructed,
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transmitted and maintained through communication. The focus group was organized with
all participants at the end of the three days of trading. Participants were asked to express
the importance they attached to each of the themes selected and additional questions
were asked to collect their feelings (see Appendix A.3). This discussion was designed to
encourage them to explain the differences in opinion. A focus group provides insights into
social norms (Morgan, 1997), power dynamics and collective decision-making processes
that are often difficult to identify in face-to-face interviews. Focus groups are particularly
effective for exploring how participants experienced the stock market simulation, by taking
advantage of spontaneous discussions. As with the individual interviews, the focus group
discussions were recorded (with the participants’ consent) and fully transcribed.

Data triangulation was carried out by cross-referencing information from the two
methods. For example, aversion to loss, identified individually in interviews, was given
context by group discussions, which revealed the moderating effect of “collective com-
fort.” Similarly, the overconfidence found in individual narratives was linked to group
ranking dynamics.

For both semi-structured interviews and focus group, data analysis was carried out
using a dual coding process: Taguette (a free analysis tool) and Maxqda (a paid analysis
tool offering more features). The researchers focused on the emotional factors and biases
shaping individual investors’ decisions. The two separate tools facilitated a comparison
of the results and adjustment of the themes and codes identified, reducing the risk of
individual bias and strengthening the robustness of the analysis. In addition, an analysis
based on a careful reading of the semi-structured interviews and focus group was also
carried out. Even though software can provide an “objective” analysis of information, it
was not—from a human perspective—involved in the experiment.

Using a focus group and semi-structured interviews provides a research perspective
that helps reduce the weakness of a small sample size (Creswell & Miller, 2000). This
combination allowed for cross-validation: the conclusions from the focus group could be
examined and deepened during the individual interviews, and vice versa. When similar
themes emerged, this convergence reinforced the validity of our findings. At the same
time, the dual approach helped identify nuances: differences between what participants
expressed collectively and individually revealed nuances that a single method could
not have captured. Furthermore, it compensated for the shortcomings of each method.
Sensitive or divergent perspectives, which were more difficult to voice in a group setting,
were more expressed in private interviews, while the focus group created a “synergy effect”
that stimulated ideas that participants might not have formulated without the presence
of others.

For the analysis, we conducted a thematic analysis based on the procedure proposed
by Braun and Clarke (2006). First, we became familiar with the data by repeatedly reading
the transcripts of interviews and the focus group. This immersion, complemented by the
use of two analysis software programs, provided an overall understanding of participants’
narratives and facilitated the identification of initial ideas regarding the emotions and
biases. Second, the interviews were coded line by line in order to assign codes to specific
manifestations of emotions and biases, thereby breaking down the discourse into meaning-
ful units relevant to this research. Finally, the codes were grouped to create themes, a step
that involved organizing them to highlight the recurrent patterns and central dynamics
that structure our analysis.

A final report was produced participant by participant: the analysis was written,
explaining the dynamics of each emotion and bias as highlighted through the thematic
analysis, illustrating key points with statements.
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Concerning reflexivity, we were careful to hold an objective perspective. Using double
coding mechanisms (software-assisted and manual reading) for data analysis helped reduce
the risk of individual bias. In addition, a single researcher with no academic connection to
the participants conducted semi-structured interviews to ensure open responses, which is,
according to us, another method of reducing researcher bias.

4. Experimental Protocol
4.1. Participants in This Study

This study was conducted with eight management science students from the Univer-
sity of Mons (Belgium). Although students differ from professional traders, prior research
shows they display comparable behavioral patterns under simulated conditions (Abbink
& Rockenbach, 2006; Fréchette, 2011). This study was conducted with eight management
science students (7 men, 1 woman) from the University of Mons (Belgium). Although
students differ from professional traders, prior research shows they display comparable
behavioral patterns under simulated conditions (Abbink & Rockenbach, 2006; Fréchette,
2011). Participants received compensation for time spent and a performance-based incen-
tive. We collected demographic data (see Appendix A.1), including age, gender and prior
knowledge of stock markets. These variables provide context for interpreting emotion
regulation and decision-making styles.

Even though our sample is too small to be statistically representative, in qualitative
research, the size of the sample is not based on statistical generalization requirements,
but rather on reaching “data saturation” (Morse, 2000; Sandelowski, 1995; Guest et al.,
2006; Fusch & Ness, 2015). Saturation is achieved when the additional data collected no
longer reveal any new information, themes or perspectives. For our study, the use of two
complementary qualitative methods—semi-structured individual interviews and a focus
group—facilitated data triangulation, which was used to achieve theoretical saturation.

Using student samples is sometimes questioned because of a potential psycholog-
ical difference with professional traders (Harrison & List, 2004; Alevy et al., 2022); this
choice is widely justified and accepted in experimental finance (Abbink & Rockenbach,
2006; Fréchette, 2011). Participants followed courses in finance, providing them with basic
financial knowledge, and the empirical research suggests that students can express behav-
ioral patterns and judgment skills similar to professional traders. As previously said, we
restricted the experiment to three days and the sample to eight people due to financial
constraints (the students were paid). Moreover, the coordination of a focus group did not
allow us to increase the sample size. Focus groups generally consist of 6 to 10 participants
(Morgan, 1997). Our sample, built for focusing on psychological mechanisms (emotions,
biases) rather than complex trading performance, seems to be well suited to our study.

4.2. Organization of the Experiment

Participants were involved in a trading simulation on the “ABC Bourse” platform.
The simulation was based on the French CAC40 index, which the participants were familiar
with. Each student was given a virtual portfolio worth EUR 100,000 that they could use
to buy or sell shares in companies included in the index. The experiment took place over
three consecutive days (from 27 to 29 January 2025), divided into twelve one-hour sessions
(no limits were set on the volume or number of transactions). To simulate real market
pressure, participants had access to real-time data on the performance of their peers. A
non-monetary incentive (a hotel stay worth EUR 200 for the best-performing portfolio at
the end of the experiment) was also offered to increase commitment in addition to direct
compensation for time spent.
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4.3. Stock Market Conditions During the Three-Day Experience

The experiment took place in a market environment characterized by a slight down-
ward trend (see Table 2) and marked by some negative news events (news on DeepSeek,
LVMH results, announcement by the Federal Reserve).

Table 2. Change in reference index over the three days.

Index 27 January 2025 28 January2025 29 January 2025
CAC40 —0.0003 —0.00012 —0.0032

Total Change
—0.0036

Market conditions were experienced very negatively. Even though the stock market
was in a bearish configuration, the losses recorded were quite low. The students’ percep-
tions of a structurally very negative market could be potentially explained by their high
expectations and the (false) belief that stock markets are places where significant financial
gains could be systematically made.

This perceived bearish context was likely to amplify negative emotions, especially the
fear of financial losses and frustration caused by pessimistic signals from the markets. Such
an environment is also favorable to the activation of specific biases, such as loss aversion
and the disposition effect. The decisions taken cannot be analyzed without considering
the perceived bearish climate, a significant factor influencing risk perception, the financial
strategies and the process of information assimilation.

5. Results from Semi-Structured Interviews and the Focus Group

Our results are presented according to three main themes (emotions, biases and
decision-making), codes (types of emotion, types of bias and decision-making orientation),
with illustrative statements underlying each theme and code, distinguishing between
semi-structured interviews (SSIs) and the focus group (FG) (see Table 3).

Table 3. Thematic analysis of semi-structured interviews (SSIs) and the focus group (FG).

Main Theme Sub-Code/Manifestation = Representative Quote (SSI or Analytical Synthesis
FG)
Emotions Fear/Anxiety “When the markets started to fall, Uncertainty resulted in

I felt real anxiety. .. I didn’t know  paralyzing fear, often resulting
where it would stop.” (SSI) in withdrawal or inaction.

Frustration/Helplessness

“It was extremely frustrating to  Frustration produced a loss of

see my strategies fail. . . I felt like
fighting against a wall.” (SSI)

control, leading either to
impulsive decisions or
resignation.

Joy/Pride (early success)

“I was in first place, it was
thrilling. . . I kept taking risks.”
(SSI)

Early success encouraged
overconfidence, reinforced by
ego and competition.

Cognitive Biases

Loss Aversion

“I couldn’t cut my positions, I
kept hoping for a rebound.” (SSI)

Emotional pain associated
with losses blocked strategic
adjustment, leading to inertia.

Confirmation Bias

“I searched for articles saying the
market would rebound, even
when most said the opposite.”
(SSI)

Negative emotions oriented
attention toward selective,
reassuring signals.
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Table 3. Cont.

Main Theme

Sub-Code/Manifestation

Representative Quote (SSI or
FG)

Analytical Synthesis

Anchoring “I clung to my first positive Emotional attachment to
results. .. I struggled to change initial performance prevented
strategy.” (SSI) rational re-evaluation.

Overconfidence “I thought I was in control, that  Satisfaction and pride fostered

it would pay off...” (FG) an illusion of control and

persistence in risky choices.

Herding/Social Comfort

Social comparison mitigated
the pain of losses but justified
collective persistence.

“Seeing others lose as well
reassured me.” (SSI)

Decision-Making Paralysis/Withdrawal “I didn’t know what to do, so I Anxiety and discouragement
did nothing.” (SSI) led to a “wait-and-see”
posture, sometimes leaving
portfolios empty.
Impulsive/Revenge “After a big loss, I made quick Frustration and anger resulted
Decisions moves just to recover.” (SSI) in revenge trading and

excessive risk-taking.

Persistence of Inadequate
Strategies

“I remain convinced I must take
this risk, even if it hurts me.”
(SSI)

Ego and overconfidence
locked participants into
unsuitable strategies.

Table 3 summarizes the themes that emerged from the thematic analysis of the semi-
structured interviews and the focus group. It illustrates how emotions experienced by
participants acted as precursors to specific cognitive biases, which shaped decision-making
patterns. Full verbatim excerpts are provided in Appendix A.4 to ensure the transparency
of the coding process.

6. Results Analysis and Discussion

Our results are strongly contingent on the size of the sample and the market configura-
tion at the time of the experiment; our qualitative data suggest causal connections without
necessarily proving them.

6.1. The Role of Emotions

Emotional reactions connected to market performance and virtual portfolio perfor-
mance were identified. The majority of participants experienced negative emotions (fear or
disappointment) in response to financial losses, with these emotions evolving in response
to market uncertainty: market uncertainty triggered many emotional responses, which
evolved to a greater or lesser extent over the experiment. These trends and descriptions of
emotional states are not a simple confirmation of the existence of emotions, but illustrations
of their dynamics and impact on the investor’s experience.

Initially, the decline in the markets generated underlying fear. Gradually, this fear
intensified into deep and persistent anxiety. One participant explained, “When the markets
started to fall and it didn’t stop, I felt real anxiety. I thought it would never end, that I didn’t know
where it would stop. It was total uncertainty and it paralyzed me.” And “When I left for my break
or shut down my computer, 1 felt anxious and fearful about the next day.” For one participant,
this anxiety caused nightmares about empty wallets, highlighting the distress he felt. An
initial fear could turn into persistent anxiety, even interfering with participants’ sleep.
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As time went by, fear also turned into frustration and powerlessness. As a result, the
financial strategies became less and less effective as prices continued to fall, sometimes
leading to desperate moves. “It was extremely frustrating to see my strategies not working while
the market continued to fall. 1 felt like I was fighting against a wall, unable to do anything,” said
one participant, even referring to “complete resignation” or paralysis.

Initial hopes gradually were replaced by growing disappointment. This disappoint-
ment gave rise to a lack of motivation. Participants became stuck in a kind of stagnation,
where “Nothing was happening. So we lost motivation,” reflecting the gradual decline in
their commitment.

At first, success could create positive emotions: “I was number one. It felt pretty good.”
Pride could also be a risk factor: “I took the risk because of my pride.” The desire to be first
“affected decision-making.” Early successes, even virtual ones, can result in overconfidence
and increased risk-taking, driven by ego (Quoidbach et al., 2010).

In summary, our findings show that fear often escalated into anxiety, sometimes
resulting in decision paralysis. This observation is consistent with prior research showing
that uncertainty-induced anxiety alters cognitive flexibility and generates inaction (Lo
& Repin, 2002; Grupe & Nitschke, 2013; Bishop & Gagne, 2018). Similarly, frustration
and helplessness were frequent when strategies failed, leading to resignation, in line
with learned helplessness (Maier & Seligman, 2016), or to impulsive “revenge” trades,
reinforcing evidence that anger and frustration bias decision-making toward riskier or less
rational choices (Lerner & Tiedens, 2006; Gambetti & Giusberti, 2012). Positive emotions,
such as pride, following early success often generated overconfidence, reinforcing excessive
risk-taking (Barber & Odean, 2001; Gosling & Moutier, 2017; Y. Wang, 2023).

6.2. Cognitive Biases at Work

The simulated bear market environment acted as a catalyst for the emergence of
several distinct cognitive biases, which significantly shaped the participants’” investment
strategies and reactions. A sense of loss aversion was the most prominent finding, with the
fear of realizing a loss—even of virtual money—proving to be a powerful paralyzing force
(Brown et al., 2024; Yechiam & Zeif, 2025). Participants consistently described an emotional
inability to sell depreciating assets, often holding onto losing positions in the hope that
the market would rebound and they would not face psychological pain. This behavior
was frequently exacerbated by an anchoring bias, where individuals became mentally
tethered to specific reference points. For many, this anchor was their initial success or
a stock’s purchase price, which distorted their perception of its value and prevented
them from adapting their strategy to the downward trend (Chen et al., 2024; Lasfer &
Ye, 2024). The anxiety also resulted in a confirmation bias, leading to disproportionately
valuing any piece of information that supported their desire for a recovery (Hsu et al.,,
2021; You, 2025). When participants experience success, this often results in overconfidence.
Early gains to overestimate skills and underestimate market risks, resulting in aggressive
strategies rather than a defensive posture suitable for the bearish context (Inghelbrecht
& Tedde, 2024). This was coupled with familiarity bias, a tendency to favor investing in
well-known companies, which limited portfolio diversification and increased exposure to
sector-specific risks (Gaar et al., 2022; Dlugosch et al., 2023). Furthermore, the social design
of the experiment implied herd behavior. The real-time visibility of peer rankings created
social comparisons. This dynamic provided collective comfort during periods of loss and
also served as a source of informational influence, where participants looked to the actions
of their peers to find hidden clues in an environment of high uncertainty (Chmura et al.,
2022; Andraszewicz et al., 2023).
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6.3. Impact on Decision-Making

The relationship between emotions and biases influenced decisions and the devel-
opment of not necessarily relevant strategies. Firstly, faced with powerlessness, many
students have withdrawn. “Faced with the decline, I was paralyzed. I didn't sell, I didn’t buy, |
was just in “wait and see” mode. It’s terrible to feel incapable of taking a decision.” The feeling that
“there was no point in trying anything” led to “doing nothing” or “cutting everything off” and
“leaving your wallet empty” (in other words, containing only cash). Feelings of helplessness

a

lead to withdrawal (“paralyzed,” “wait-and-see,” “empty wallet”). This is a key behavioral
finding that is often difficult to quantify. Secondly, the management of losing positions
was strongly influenced by loss aversion. While some “cut their losses quickly,” saying, “I
cut right away because I thought, no, this isn’t possible,” others “refused to cut their positions,
hoping for a rebound.” We found contrasting reactions: some cut their losses quickly, while
others refused to do so in the hope of a rebound, thereby exacerbating their losses. The
emotional pain of “accepting the loss” is an important qualitative factor. Thirdly, frustration
sometimes resulted in irrational decisions: “After a big loss, I would sometimes make very quick
moves, without really thinking, just to try and get some of it back. It was impulsive, I knew it wasn’t
the right approach, but I was so angry.” Intense frustration and anger can lead to irrational
decisions and excessive risk-taking, described as a “vicious circle, an endless cycle”. Finally,
anchoring to initial performance and overconfidence prevented some from adjusting their
strategy despite negative signals: “I remain convinced that I need to take this risk, and if I've
taken it, I'm going to stick with it until the end. That's it. OK. So you're sticking with this risk until
the end, even though I know it could hurt me.” And “In all situations, I tend to hold my position
rather than take risks and sell and try something else.”

Our findings contribute to the behavioral finance literature by illustrating how emo-
tions translate into cognitive mechanisms. Specifically, the aversion to losses experienced
by participants—often described as more painful than equivalent gains were pleasurable—
directly echoes Kahneman'’s and Tversky’s prospect theory (1979). The qualitative evidence,
with statements such as “This feeling eats away at us. We ask ourselves, ‘Could I have done bet-
ter?’”, highlights the emotional cost of losses. This dimension is in line with subprior work
on the disposition effect (Shefrin & Statman, 1985; Richards et al., 2018) and is consistent
with more recent findings documenting investors’ reluctance to sell losing positions (Fan
& Neupane, 2024). Beyond confirming established theories, our data show why this bias
persists: loss aversion is an embodied affective state that erodes confidence and sustains
inaction. This perspective underscores the value of qualitative insights for understanding
the mechanisms through which classical biases emerge under stress.

From our results, in most cases, emotions induce biases, which result in specific
decision-making patterns. However, in some cases, some emotions directly influence
decision-making processes without passing through biases. In times of strong emotional
intensity—such as panic in the face of big losses or extreme frustration due to ineffective
financial strategies—emotion seems to exert an immediate influence on behavior, bypassing
cognitive biases. For example, “decision paralysis” was not always the result of loss
aversion, but a direct response to anxiety or strong feelings of powerlessness. This finding
suggests that, in extreme market contexts, rationality can be directly overwhelmed by
emotions, refocusing the debate on the influence of “raw emotional states”.

7. Conclusions

Our results provide an insight into how emotions or/and biases shape traders’ invest-
ment decisions. Data were collected through semi-structured interviews and a focus group,
allowing for an in-depth exploration of the individual experiences. Although the existence
of emotions and biases in behavioral finance has been proven, our study is innovative in
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showing how these phenomena arise and interact dynamically in a simulated bear market
context. Our qualitative perspective illustrates how emotions and biases work and, in some
cases, evolve, rather than just simply existing.

A key finding across both studies is that emotions act as forces that actively shape
judgment and decision-making. Fear frequently evolved into anxiety under conditions of
uncertainty and loss, often becoming a paralyzing influence. Frustration, discouragement
and feelings of powerlessness emerged when participants perceived themselves as unable
to develop strategies capable of countering market decline.

Although they were less common, positive emotions (happiness after an initial positive
trade) were also found. They could result in overconfidence. In all cases, managing
emotions emerged as a “necessity” for effective decision-making, with participants realizing
that “emotions are not good friends in trading”.

Emotional patterns contributed to the development of the following biases. Loss
aversion was particularly strong, as students perceived their virtual losses as real and the
emotional pain of accepting them or the fear of losing more made them reluctant to close
losing positions, often resulting in a state of paralysis. Furthermore, an anchoring bias
became evident through an attachment to the initial positive emotions associated with
successful early trades; the subsequent disappointment and demotivation from falling
rankings made it challenging for participants to adjust their expectations to the new market
reality. This emotional state also contributed to the emergence of a confirmation bias, as
students actively looked for information that validated their hopes for a market recovery,
even when the underlying signals were negative. Finally, overconfidence, driven by the
satisfaction of early success, leads to underestimating the risks of the bearish context
and persisting with inappropriate strategies. Other biases were present even if less well-
documented: familiarity bias (focusing on well-known companies), the use of heuristics
(relying on intuition) and availability bias (relying on easily available information).

The interaction between emotions and biases had consequences on trading decisions.
Decision-making paralysis and resignation were common behavioral responses to feelings
of powerlessness. Some participants even preferred to “let their wallet empty” (only cash)
or “avoid looking at it for hours”. Loss management was also strongly influenced by
loss aversion, leading either to quick cuts to avoid emotional pain or, more often, to a
reluctance to accept losses in the hope of a rebound, thereby increasing losses. Moreover,
impulsive decision-making and the desire for “revenge” on the market, explained by
intense frustration and feelings of anger, prompted some to take excessive risks. The
persistence of inappropriate strategies was found in participants who focused on their
initial performance or overconfident, preventing them from adjusting their strategy despite
the trend.

In addition, other factors were identified as influencing decision-making: The social
context had a significant impact, as the ranking generated a dynamic of social comparison
that influenced motivation and stress. However, collaboration reduced anxiety and facili-
tated information sharing, making the group a place of comfort, and theoretical implications
could be highlighted. This collective comfort, from a shared negative experience, poten-
tially moderates the intensity of loss aversion by making losses more “acceptable” than if
suffered alone. Furthermore, this social dynamic underscores the concept of bounded ratio-
nality, demonstrating how the psychological need to conform can often override rational
analysis. Group dynamics can amplify irrational decisions or promote a kind of “collective
resilience” that helps participants. Moreover, financial performance—specifically, unmet
financial expectations and the decline in the portfolio’s value—exerted a strong influence
on the emotional state, motivation and decisions.
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Our analysis demonstrates that staying rational in a bearish context is difficult because
emotions and biases are at play. Emotions often overcome rational analysis, leading to
cognitive biases and paralysis in decision-making, impulsiveness or the persistence of
irrelevant strategies. Our findings are consistent with behavioral finance, moving from
the traditional view of investors as “purely” rational agents. Our results also suggest that
emotions and cognitive biases are key components of decision-making processes, partic-
ularly in a bearish context. We believe that rationality can be defined as a combination
of emotional and logical dimensions in the management of risk, rather than being purely
“homo economicus.” The originality of our study lies in its qualitative process-oriented
approach, which reveals the chain of mechanisms linking emotions, biases and decisions
under stress. Our findings explain when and how these biases emerge, evolve and some-
times dissipate. This dynamic perspective complements quantitative studies that typically
focus on outcomes rather than processes.

In conclusion, we showed how emotions and biases play out and interact in a stressful
context. As summarized in Figure 1, our study does not aim to provide generalizable
conclusions, but rather to:

e  Generate hypotheses: emotional and behavioral mechanisms identified qualitatively
can be used as a basis for future quantitative studies;

e Identify mechanisms: we highlight how emotions and biases influence decisions,
providing insights into the underlying cognitive and emotional processes;

e Illustrate complex decisions: decision paralysis, revenge bias and the perseverance of
inappropriate strategies are complex behaviors that are extensively described and put
into context by our qualitative data.

. . Cognitive Biases (Loss Decisions (Paralysis,
Emotions (Fear, Anxiety, : ) ) -
. . Aversion, Confirmation, Revenge Trading,
Frustration, Pride) '
Overconfidence, etc.) Persistence)

Social Context (Peer
Comparison, Collective
Comfort)

Figure 1. Conceptual schema of emotional-bias dynamics in market contexts.

8. Limitations of This Study

Our findings must be considered in light of several limitations. First, the small sample
size (eight participants) and the qualitative nature of the research mean that the results
are not intended for statistical generalization. The objective was to achieve “theoretical
saturation,” where new data no longer yield new thematic patterns. The use of two
complementary methods allowed for data triangulation, enriching the density and depth
of the analysis. Consequently, the findings should be interpreted as exploratory of the
psychological mechanisms at work within the specific context of a bearish context, serving
as a basis for generating hypotheses to be tested quantitatively on larger samples in
the future.

Second, the use of a student sample from management science, rather than professional
traders, raises a question of external validity. Experienced traders are likely to possess more
financial knowledge, refined risk-management strategies and potentially better emotional
regulation techniques developed through repeated market exposure. Their reactions to a
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bearish context might therefore differ. However, the selection of students was a deliberate
methodological choice for this study. The primary goal was to examine the fundamental
psychological mechanisms believed to be universal components of human decision-making
under uncertainty. Students, with basic financial knowledge, provide a “clean” sample less
influenced by professional heuristics, thus offering insights into the basic architecture of
biases, even if their expression may vary with expertise.

Third, although conducted in a simulated environment with virtual money, this study’s
ecological validity is supported by the fact that participants perceived their virtual losses
as real. Nevertheless, it should be noted that the absence of real financial consequences
means that the intensity of emotions and the magnitude of biases might be different in a
real-world trading context where actual capital is at risk.

Fourth, the short duration of the experiment necessarily compresses the emotional
and behavioral timeline inherent to investing. This study captures acute, initial reactions
to stress and loss, but cannot observe how these dynamics evolve over a longer period.
Participants might have developed different coping strategies with more time. This short
timeframe was a deliberate choice to intensify the experience of a bearish context, which
was precisely the condition this study aimed to investigate.

Finally, this research focused exclusively on a bearish context. Therefore, the conclu-
sions regarding the predominance of negative emotions and specific biases, like loss aver-
sion, are specific to this environment. They cannot be extrapolated to bull, stable or highly
volatile markets, where the interplay of emotions and biases might manifest differently.

9. Further Research Avenues

Future research should seek to validate the biases and emotional responses identified
through quantitative methods. For example, emotions could be measured using physi-
ological indicators, such as heart rate during market fluctuations, while specific biases
could be quantified through controlled experimental tasks. Such an approach would allow
the statistical validation of the relationships observed qualitatively, addressing the issue
of generalizability and facilitating the transition from identifying mechanisms to quan-
tifying their impact. Beyond methodological reinforcement, comparative studies across
different market environments would also be valuable. Since our analysis focused on a
bearish context, future research could examine investor behavior in bullish, stable or highly
volatile contexts. This would shed light on the extent to which emotions and biases are
context-dependent.

Another direction could involve comparing novice and professional investors. Our
participants often displayed reactions such as paralysis or resignation in the face of losses.
More experienced traders, having developed strategies to regulate emotions, may exhibit
different dynamics. Exploring these differences would provide insights into the role of
adaptation in financial decision-making. Finally, the influence of social context deserves
greater attention. Our findings suggest that collective comfort and social comparison
affected participants’ emotional and cognitive responses. Investigating the contrast between
an individual and a group could help us understand how social dynamics moderate the
impact of emotions and biases. By linking these research avenues to the limitations of our
study, we propose a roadmap that can guide progress in understanding the psychological
foundations of financial decision-making.
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Appendix A.2. Guide for Semi-Structured Interviews

Availability Bias

L

Overconfidence

L s

Anchoring Bias

—_

How do you rate your trading skills?

What kind of information did you look for?
What type of information did you prioritize?
How has information accessibility impacted your operations?

How did you feel after a successful series of moves?
How has this influenced your trading behavior?
Do you think you underestimated the risks at times?

2. How have past price levels influenced your decisions?

Can you tell me about your research on the companies you wanted to invest in?

When you decided to sell a stock, how did the price you bought it at influence it?

3. Why did the initial purchase value prevent you from adapting to new information?
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Herd Behavior

What was the main influence on you choosing one action over another?
How have general trends influenced your decisions?
How did you react to market movements in situations of high activity?

Prospect Theory

What would you do if you had a winning stock or a losing stock in your portfolio?

What were your motivations for selling winning positions, even though they could still bring
you additional profits in the future?

What were your motivations for maintaining a losing position?

General Emotions
In your opinion, what role did emotions play in this experiment?
Emotions Changes

After a session where you made several decisions that were unsuccessful, how did you react
emotionally and how did this influence the next session?

Have you noticed changes in your emotions or behaviors when you have several successive losses?
Do you feel like your emotions have changed the way you've structured your strategy
over time?

Impact of Emotions on Decision-Making

Before placing an order, what emotions did you usually feel?

Can you describe a situation where your emotions directly influenced your decision-making,
whether in a losing or winning situation?

Have there been times when, despite feeling stressed or anxious, you were able to make a
successful decision?

Do you feel like your emotions have changed the way you've structured your strategy
over time?

Reactions to Gains or Losses

How did you react to loss?

Have the losses affected your behavior or decisions?
How did you react to a gain?

Did you react more impulsively afterward?

Emotion Management

How did you handle the pressure of making decisions quickly?
Did the fact that there were breaks between each session influence your emotions?

Appendix A.3. Guide for the Focus Group

Emotional Influence on Decision-Making

How important do you think the influence of emotions on decision-making is?

What do you think are the positive/negative effects of emotions on your decision-making?
When you decide to close a position, which emotions (among those displayed on the board)
influence this decision?

When you decide to buy stocks, which emotions (among those displayed on the chart) influence
this decision?

Cognitive and Behavioral Biases

Do you think that recent or high-profile events influence your decisions more than less visible
but relevant facts?

Do you think some choices seem more likely or valid just because they resemble what you
expect a good decision to be?

Have you ever felt very confident about a decision, only to find that you underestimated some
of the risks?
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4. When taking a decision, do you sometimes remain influenced by the initial information you
receive, even in case of new data?

5. Do you think you often use your intuition in your investment decisions? If so, why?

o

Do positions with extreme gains or losses influence your behavior?
7. Would you rather sell a losing stock or a winning stock? Why?

Investment Decisions

1.  Please briefly describe an important decision made during the experiment and the main factors
that influenced their choice.

2. What do you think makes a good investment decision?

3. Do you think your financial performance triggers any particular emotions? Have these emotions
led you to rethink your approach to trading?

Appendix A.4. Complete Thematic Analysis of Semi-Structured Interviews (SSI) and Focus Group (FG)

Student Emotions Biases Decision-Making Process

L1 Emotions were strongly linked to stock A strong loss aversion (code 1) was present, Faced with losses, the student chose to cut his
market performance, fluctuating between perceiving virtual losses as real: “This feeling losses (code 1) by closing his positions and
happiness (code 1) and disappointment (code  eats away at us. We ask ourselves: ‘Could Thave  adopting a resigned attitude: “I bought shares
2). He said: “Our mood depended on the done better? Did I make the right choice? What  at the very beginning and then I saw that they
stock market and the shares we had bought. If  if...?"” (SSI) weren’t moving much because the market was
they went up, we were happy; if they went down. Then I saw that we were losing money,
down, we were a little disappointed.” (SSI) “We say to ourselves it’s just a simulation. But so I cut my losses.” (SSI)

inside, it’s not just a simulation, because we
“When we made a profit, we felt happiness, want to perform, we want to be the best. And “We decided to cut our losses and go into
satisfaction and pride.” (FG) it’s that feeling, that desire, that drives us.” (SSI) ~ passive mode. And we’ll see if we can do
anything else.” (SSI)
“Whether we made a profit or a loss, I still felt
anxious.” (FG)
“The next day, I felt anxious and afraid.
Because I thought, that’s it, it’s over, there’s
nothing I can do now.” (FG)

12. The student experienced fear turning into A pronounced loss aversion (code 1) prevented His reaction was decision paralysis (code 1):
anxiety (code 1a) in response to the him from reducing his positions in the hope of a ~ “There were times when I just couldn’t look at
continuing market decline and uncertainty: rebound: “When I saw the losses mounting on my portfolio for hours. I didn’t know what to
“When the markets started to fall and it didn’t ~ my positions, I found it very difficult to reduce do, I was overwhelmed, so I did nothing. I
stop, I felt real anxiety. I thought it was them. I kept waiting for a rebound, even when hoped it would sort itself out.” (SSI) and
never-ending, that I didn’t know where it all the signs were pointing to a fall.” It was impulsive decision-making (code 2) or
would stop. It was completely unknown and ~ unbearable to accept the loss, even though I “revenge” strategies after big losses: “After a
it paralyzed me.” (SSI) knew it was only virtual.” (SSI) big loss, I would sometimes make very quick

moves, without really thinking, just to try to
Fear turned into frustration and a feeling of Confirmation bias (code 2) is evident in the recoup a little. It was impulsive, I knew it
helplessness (code 1b) also emerged: “It was search for positive information to validate hopes ~ wasn'’t the right approach, but I was so angry.”
extremely frustrating to see my strategiesnot  of a recovery: “I started looking for articles and (SSI)
working while the market kept falling. I felt analysts who said the market was going to
like I was fighting a wall, unable to do rebound, even though the majority said the
anything.” (SSI) opposite. I wanted it to go back up so badly that

I clung to every little bit of positive news.” (SSI)

“If I see something that confirms my idea, I think
that news will have a certain impact, and if I see
other news that confirms it, it will have a
confirmation bias.” (FG)
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Student Emotions Biases Decision-Making Process
13. Being at the top of the rankings generated A strong loss aversion (code 1) and a belief that ~ The student was caught in a vicious cycle of
feelings of happiness (code 1) and satisfaction: ~ prices always come back led him to hold on to impulsive decision-making (code 1) and
“I'was in first place. It was quite a thrill. losing positions: “I didn’t want to cut my losses. ~ “revenge,” taking more risks after losses:
What’s more, I knew I was going to win, butI I don’t really like that. Because for me, the price ~ “Then you try to take more risks. And you try
also knew I was taking a big risk because I always comes back.” (SSI) to get revenge. And then it’s even worse. It's a
was already in first place on the second day, vicious cycle, it’s a never-ending cycle.” (SSI)
and I said to myself, either I cut everything “But anyway, in three days, there was little
out and stay in first place, or I go for it. ButI chance that the price would return to its He admitted that he mismanaged the size of
took the risk because of my ego.” (SSI) previous level, but I still hoped it would. That’s  his positions, leading to accelerated losses:
what you shouldn’t do, hope.” (SSI) “Or sometimes I get the position size wrong.
He also expressed fear (code 2): “I even Then the market moves 10 times faster. And
dreamed that my accounts were empty. It was ~ Overconfidence (code 2) linked to his ego and it’s very difficult, because it’s really strange. I
stressful not knowing where things were initial performance encouraged him to maintain ~ mean, the blood rushes to your head. You
going.” (SSI) a high-risk stance: “I remain convinced that I think, ‘Oh, what am I doing?"” (SSI)
have to take this risk and that if I've done it, I'll
continue to do so until the end.” (SSI) Confirmation bias led him to reinforce his
“It’s important not to be self-deprecating, to be winning positions: “And often, when I get my
confident, and to take mitigated risks.” (FG) confirmations, I get back into the position to
increase the risk a little bit, and the risk paid
off because I went up to 4%, I think.” (SSI)
14. The student began with optimism (code 1): “I  An anchoring bias (code 1) was observed, with Emotions and bias led to decision paralysis
have a week off, so there’sno reason I can'tdo  disappointment arising when the situation did (code 1) and resignation, with the student
this. Instead of staying at home or doing not improve despite initial investment: “I tell feeling that there was nothing left to do in the
something else, why not do this during the myself that there’s nothing more to be done, absence of a market miracle: “We realized
week?” (SSI) because it’s the last day, and you’ve seen the that, well, there was nothing else we could
The inactivity of the market quickly turned stock market, there’s going to be no miracle.” do.” (SSI)
into fear (code 2), frustration, helplessness, (SSI)
and a lack of motivation: “But nothing was
happening. So we lost motivation.” and “We ~ “I would prefer to anchor myself to something I
were there. Disappointed.” (SSI) know, such as indicators, because I believe they
slightly improve performance. In the end, it was
the only thing I could base my decision on.” (FG)
L5. The student experienced fear (code 1) of A confirmation bias (code 1) drove him to look Impulsive decision-making (code 1) (about

losing his money, even if it was virtual, which
he found “frustrating”: “The moment that
struck me the most was at the very end, at the
end of the third day, when we got the
rankings and saw what we had lost, even if it
wasn’t real money. It’s still pretty frustrating
to see that you've lost so much money.” “I still
felt a little stressed when I was making
transactions, when I was buying or selling,
because I was afraid of losing my money, even
if it wasn’t real money.” (SSI).

He also had trouble adapting to the bear
market: “It’s true that the market was down.
So I'had a little trouble adapting.” (SSI)

“I'was already desperate that it could change
positively all of a sudden.” (FG)

“My emotions about the situation took over
and encouraged me to stop doing anything. If
there’s something you can do, do it. But it
won’t be something that will change the
situation much.” (FG)

for signs of recovery on the charts: “I was trying
to look at the charts all the time to see if there
was a chance it would go back up, if there was a
small dip and then it would go back up.” (SSI)

“Basically, I was following companies that I
knew a little bit about, but since others were
telling me that these were companies that were
making big profits, I thought, why not? If it can
bring me the same thing as him, but I didn’t
dare to put in the same amounts.” (FG)

He also looked for social comfort (herd effect,
code 2): “When I saw that I had lost quite a lot
too, I told myself that it wasn’t just me and that

others were also experiencing significant losses.”

(SSI)

He also tried to copy others (herd effect, code 2)
“I took other people’s ideas and thought I could
use them to get into the same situation as them,
but I didn’t do it at the right time, and it had a
negative impact on me.” (FG)

sales) His decisions were focused on selling to
limit losses: “I was more interested in selling
than buying.” (SSI)

“I kept selling anyway, and I'm going to try to
limit my losses.” and “I told myself that as I
made gains, I would sell again.” (FG)

“On the one hand, because I've taken a step
back, I think it’s a bit like what you said
yesterday, that it’s a bit screwed up and all,
but hey, let’s go for it, we might as well take
the risk.” (FG)
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Student Emotions Biases Decision-Making Process
1L6. A strong emotion of disappointment (code 1)  The anchoring bias (code 1) on initial Disappointment was followed by decision
was reported when moving from first to last performance (being first) made the downfall paralysis (code 1) and resignation, with the
place: “It was disappointing because. . . even harder to deal with: “At that point, I student eventually “deleting” everything
Actually, on the first day, I was in first place. thought, ‘I shouldn’t have invested so much in from his portfolio: “So it was just small gains
So I was very happy and very motivated.” companies that were. .. well, that were and small losses. And that’s why, in the end, I
(SSI) underperforming.” So that was like a letdown. I realized it wasn’t working, so I deleted
was disappointed.” (SSI) everything. I preferred to just leave it empty.”
and “And then I saw that I had dropped down (SSI)
anyway. It was disappointing. From first to
last. Yes. That was the disappointment.” (SSI) “At the last minute, you say to yourself,
‘There’s no point anymore.” Yes, at that point, I
He maintained optimism (code 2) despite the was actually 3% away from finishing, it wasn’t
losses: “Up until then, you said to yourself, possible.” (SSI)
‘Come on, I believe in it, I hope things will
change.” When there was a small gap, like 1%
or 1.5%, I said to myself that with a lot of luck,
it could work out, but at that point, I knew it
wasn’t possible.” (SSI)
“And so I'said to myself that it’s true that you
have to take risks, and so the desire to be first,
let’s say, had an impact on decision-making.”
(FG)
L7. The student expressed fear (code 1) of losing Even if biases were not noticeable, the absence of =~ Fear prompted him to make impulsive
and intense stress: “A lot of stress. I felt a little  emotional regulation was noted: “No, I didn’t decisions (code 1) (sales) to cut his losses,
stressed because if the share price went up, it do anything to manage my stress. I don’t know rather than wait for a rebound: “I was afraid
was okay. If it went down, I felt a little how you can manage it in real life. But no, I of losing more. So I said to myself, ‘I'm just
stressed.” and “I was afraid of losing. Even didn’t do anything.” (SSI) going to stop.” So I think when it [the stock]
though it was only virtual money, I was still started to fall, I sold it right away. Instead of
afraid of losing it.” (SSI) “Emotions are not necessarily known. It wasn’t waiting for it to go up again”. (SSI)
instantaneous. I didn’t even know to what
“When you're losing, you don’t want to sell, degree. It was more or less precise.” (FG)
you don’t want to validate a loss.” (FG)
“I tend to hold on to my position rather than
take risks and sell and try something else.”
(FG)
18. The student quickly experienced fear (code A strong loss aversion (code 1) caused him to His frustration led to decision-making
1a), which turned into frustration and a hesitate about what decision to make: “I didn’t paralysis (code 1) facing a market he
feeling of not being “good enough” compared  really know when to sell, whether to sell now or  considered hopeless: “The market is still
to the other participants: “Right away, I wait for the market to recover.” (FG). bearish, there’s no point in trying anything.”
quickly felt, how can I put it, that I wasn’'t up and “On the afternoon of the third day, yes.
to the task. I felt left behind compared to the The participant then quickly cut his positions: Because there comes a point when you say to
others, because they had already participated =~ “So I cut everything because I thought, no, this yourself, the market is down, there’s no point
in scholarship competitions or were trading isn’t possible.” (SSI) in trying anything.” (SSI)
on their own, so they were talking about
things, but I thought to myself, we didn’t take ~ “I decided to cut my losses at the end because I
the same classes, it’s not possible.” (SSI) thought, after doing some research, that it was
better to cut your losses than let them fall
“When I was winning, I knew very well thatit  indefinitely.” (SSI).
was just pure luck.” (FG)
He noted that the feeling of loss is twice as
His fear (code 1b) turned into abandonment strong as that of gain: “But I read that when you
and resignation: “Complete abandonment” lose something, you suffer a loss, and the feeling
and “In the end, I told myself it was a lost you get is twice as strong as a gain. I think that’s
cause.” (SSI) what I took away from that book.” (SSI). This
passage shows a search for information to
understand the phenomenon of loss.
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