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Introduction Temperature correction (TC) approaches Comparing TC approaches

Electrical Resistivity Tomography (ERT) monitoring is a powerful tool, offering
high-resolution imaging of the subsurface. The strong links between resistivity
and water content makes ERT monitoring a powerful tool to observe soil

The 5 TC approaches are tested on varying electrode spacings (from 0.25 m to 10 m) and across the daily air temperature

Current correction methods rely on simplified temperature models or interpolated sensor data, , , D
dataset Dremp (at weekly intervals) in order to cover a broad range of subsurface temperature conditions.

often neglecting how ERT measurement setups affect sensitivity to temperature. These
limitations can introduce artifacts, especially with varied electrode spacing. Here we review
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. s e e \ —_ Combining heat transfer modelling, to generate high-resolution temperature models, with our newly proposed TC

Conversmn model A1 =+ (d1C — du) d'S = dop. - ( :TC approaches (TC, and TC:) is effective in reducing temperature effects on ERT monitoring datasets.
A few conversion models have been proposed to link electrical resistivity and e - > eitc - o TG — |nv(dT:) Additional tests and simulations are required to further validate these strategies, such as with a larger range of thermal
temperature. They are usually based on empirical relaitonships calibrated on Mest = INV(dops) = e : properties and ERT acquisition frequency.
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